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Data Mining Overview

SAS defines data mining as the process of Selecting, Exploring, Modifying, Modeling,
and Assessing (SEMMA) large amounts of data to uncover previously unknown patterns
that can be utilized as a business advantage. The data mining process is applicable
across a variety of industries and provides methodologies for such diverse business
problems as fraud detection, householding, customer retention and attrition, database
marketing, market segmentation, risk analysis, affinity analysis, customer satisfaction,
bankruptcy prediction, and portfolio analysis.

Enterprise Miner software is an integrated product that provides an end-to-end
business solution for data mining. A graphical user interface (GUI) provides a
user-friendly front end to the SEMMA data mining process:

o Sample the data by creating one or more data tables. The sample should be large
enough to contain the significant information, yet small enough to process.

0 Explore the data by searching for anticipated relationships, unanticipated trends,
and anomalies in order to gain understanding and ideas.

0 Modify the data by creating, selecting, and transforming the variables to focus the
model selection process.

0O Model the data by using the analytical tools to search for a combination of the
data that reliably predicts a desired outcome.

O Assess the data by evaluating the usefulness and reliability of the findings from
the data mining process.

You may or may not include all of these steps in your analysis, and it may be
necessary to repeat one or more of the steps several times before you are satisfied with
the results. After you have completed the assess phase of the SEMMA process, you
apply the scoring formula from one or more champion models to new data that may or
may not contain the target. Scoring new data that is not available at the time of model
training is the end result of most data mining problems.

The SEMMA data mining process is driven by a process flow diagram, which you can
modify and save. The GUI is designed in such a way that the business analyst who has
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little statistical expertise can navigate through the data mining methodology, while the
quantitative expert can go “behind the scenes” to fine-tune the analytical process.

Enterprise Miner contains a collection of sophisticated analysis tools that have a
common user-friendly interface that you can use to create and compare multiple
models. Statistical tools include clustering, self-organizing maps / Kohonen, variable
selection, trees, linear and logistic regression, and neural networking. Data preparation
tools include outlier detection, variable transformations, data imputation, random
sampling, and the partitioning of data sets (into train, test, and validate data sets).
Advanced visualization tools enable you to quickly and easily examine large amounts of
data in multidimensional histograms and to graphically compare modeling results.

This documentation describes the core functionality of Enterprise Miner and shows
you how to perform basic tasks. For more detail on the individual tool nodes, see the
online Enterprise Miner Reference Help documentation that is available from the main
menu:

‘ Help ‘ > ‘ Enterprise Miner Reference

Enterprise Miner is designed for PCs that are running Windows 95/98, Windows NT
4.0, Windows 2000, or subsequent releases of those operating environments. The screen
captures presented in this document were taken on a PC running Windows NT 4.0.

Layout of Enterprise Miner

To start Enterprise Miner, start up SAS and then type miner in the command dialog
box of the SAS Display Manager. The SAS Enterprise Miner window opens:

The SAS Enterprise Miner v.4 Window

) 5A5 Entesprize Minar - Phosnix [Unite d)

OS]l (o]
Project i*;-‘z:‘m Toclls Bar i
Diagra rn/ )

Project Diagram
Navigator Workspace

| Dt [ e I of
| I I I
[
Progress Message Connection Status
Indicator Panel Indicator

The SAS Enterprise Miner window contains the following interface components:

0O Project Navigator — You use the Project Navigator to manage projects and
diagrams, add tools to the Diagram Workspace, and view HTML reports that are
created by the Reporter node. Note that once a tool is added to the Diagram
Workspace, it is referred to as a node. The Project Navigator has three tabs:
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0 Diagram tab — lists the current project and the diagrams within the project.
By default, Enterprise Miner creates a local project that uses your userid as
the name (for this example, Phoenix) and a process flow diagram named
Untitled. When you re—open Enterprise Miner, the last project you were
working with is loaded.

0 Tools tab — contains the Enterprise Miner tools pallet. The tools pallet
presents all the data mining tools that are available for constructing process
flow diagrams. The tools are grouped according to the SEMMA data mining
methodology.

0 Reports tab — contains the HTML report entries for the project. You
generate reports using Enterprise Miner’s Reporter node.

0o Diagram Workspace — enables you to build, edit, run, and save process flow
diagrams.

0 Tools Bar — contains a customizable subset of Enterpriser Miner tools that are
commonly used to build process flow diagrams in the Diagram Workspace. You can
add or delete tools from the Tools Bar.

O Progress Indicator — displays a progress indicator bar that indicates the execution
status of an Enterprise Miner task.

0O Message Panel — displays messages about the execution of an Enterprise Miner
task.

o Connection Status Indicator — displays the remote host name and indicates
whether or not the connection is active for a client/server project.

Using the Application Main Menus

You use Enterprise Miner’s application menus to quickly and efficiently perform
common tasks. Different windows have different menus. Here is a brief summary of the
SAS Enterprise Miner window pull-down menus:

O File
O New
O Project — creates a new project.
O Diagram — creates a new diagram.

Open — opens a new or existing diagram within the current project.
Import Version 2 project — imports an Enterprise Miner 2.0x project.
Save Diagram — saves the current diagram to the project.

Save Diagram as — names and saves the current diagram to the project.
Print Setup — specifies printing options.

Print — prints the contents of the SAS Enterprise Miner window.

O 0o oo o o od

Delete current project — deletes the current project. If you select this
menu item, then a message appears that asks you to verify the deletion.
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Delete project Ed |

Are you sure ol want to delete thiz project?
9 MOTE: &ll filez in this project's subfolders will

be deleted!

Mo

To delete the project, select [Yes]. All files in the project folder and any
subfolders will be deleted. If you select [No|, then the project is not deleted. You
cannot delete a project that someone else has opened.

O Close diagram — closes and saves the diagram.

O Close project — closes the project.

O Exit Enterprise Miner — ends the Enterprise Miner session.

O Ed

it
Copy diagram to clipboard — copies the diagram to the clipboard.
Undelete — undeletes the last deleted node.

Copy — copies a node or object to the paste buffer. You must first select the
node or object you want to copy.

0O Delete — deletes the selected node or connection from the Diagram Workspace.

O Clone — clones the selected node (copies the current node and adds it to the

Custom folder of the Tools Palette).

O Paste — pastes the node, diagram, or object from the clipboard.

O Select all — selects all nodes in the Diagram Workspace.

O Create subdiagram — creates a subdiagram that you use to collapse a set of

O Vi
O

selected nodes and connections into a single Subdiagram node icon.

ew

Messages — opens the Messages window that displays collected messages for
this diagram.

Meszzages M=l B3
Input Data Souwrce Collecting information about il
EMDATA.VIEW_BM8. Please Wait . . .
Input Data Souwrce fidvice Completed.
Data Partition Creating Data Partition Mode
-
o A

O
O

Use the window control buttons to close the Messages window.
Refresh — refreshes the Project Navigator and the Diagram Workspace view.

Up One Level — displays the next higher level of the process flow diagram. If
there are no subdiagrams in your process flow diagram, then only one level can
be displayed. If there are subdiagrams in your process flow diagram, then the
subdiagrams can be displayed either in their condensed form (hiding the
internal structure of the subdiagram) or in their expanded form (showing their
internal structure). The higher level displays subdiagrams in condensed form.
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O Top Level — displays the process flow diagram in its most condensed form. All
subdiagrams are condensed.

O Options

O User preferences — opens the User Preferences window that enables you
to specify startup options, set the default directories for new projects, set up
server profiles for client/server projects, and specify the HTML report items
that you want to display when you run the Reporter node.

E Uszer Preferences _ (O] |
Session ] Projects ] Server profiles ] Report= ]

“Hhen =tarting Enterprize Hiner:
" Open the last project | worked on
* Open the last diagram | worked on
" Don't open anything (blank workspace)

Log and output:
[T Send node log to 5A5 System log

[ Send node output to 5A5 Sys=tem output

[" Suppress model assessment after training

Interactive graphics:

Graphics font: Swystem font Browse. .. |

0K I Cancel I

After making your selections in the User Preferences window, select [OK].

O Projects

O Data Profiles — opens the Data Profile window that you use to define
target profile information for a data set. To learn about defining target
profiles, read the Target Profiler chapter in the online Enterprise Miner
Reference, available from the application’s main Help menu.

After making your selections in the Data Profile window, close the
window and save your changes.

B Data Profile M= E3

Data Set ] Target Profile ]

Data Source | Tvpe | Modified Time Data Source Label | Meta S;l

w
4| | 3
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O

Propertiez - Phoemix M=l B3

Properties — shows project properties, such as the project name and
type, share status, project location, server information, and a list of
users that have the project open. You can also specify start-up and exit
code that runs when the project is opened and closed, specify the SAS
warehouse path, or update the project server profile. These settings can
be specified if the project is opened by one user.

General ] Initialization ] B e ] Harehouse ] U=zers ]
@ Phoenix

Tvpe: Local Project

Share status: Sole user

Location:

lc:sasvBimysasfilesiEM Projects'Phoenix

0K I Cancel I

O Diagram

O

Connect items — a mode of editing where node icons are fixed in
location, so that you can more easily make connections among them.

Move items — a mode of editing where node icons cannot be connected,
so that you may more easily move the icons into desired locations in the
process flow diagram.

Move and Connect — (default) a mode of editing where node icons can
be moved and connected in the Diagram Workspace.

Large icons — displays large node icons in the Diagram Workspace.
This item is grayed out if a node is selected in the Diagram Workspace.

Small icons — (default) displays small node icons in the Diagram
Workspace. This item is grayed out if a node is selected in the Diagram
Workspace.

Properties — opens the Properties window that enables you to view
diagram properties, such as the name, type, status, date created, and
date last modified. You can also password protect a diagram in the
Protection tab and type and store notes about the diagram in the Notes
tab.
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Properties - Untitled M=l E3

General ] History ] Protection ] Hotes ]

Boa Untitled
i - |

Type: Diagram

Status: Currently open

0K Cancel

O Actions
O open — opens the selected node.

O Run — runs the selected node and any predecessor nodes in the process flow
that have not been previously executed.

O Results — opens the results browser for those nodes that generate results.

O Add Node — opens the Add node window that enables you to add a new node
to the Diagram Workspace.
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Add node =] E3
NMode tvpes:
Assess=ment -

Association

Association Mapping

C*Score

Clustering

Control point

D-Engine

Data Mining Database

Data Partition

Data Set Attributes
Distribution Explorer
Ensemble
Expectation-Maximization Clustering
Family-Based Testing

Filter Outliers

Forecasting

Gene Filter

Group Processing

Input Data Source

Insight

Marker Selection
Memory-Based Reasoning
Multiplot

Meural HNetworlk

Princomp/ Dmheural
Prinqual/Princomp

Regression

Replacement

Reporter

SAS Code —
SO0M/Kohonen

Sampling

Score |

Singular Value Decomposition
Subdiagram

Text Parsing d

O Add Endpoints — add endpoints to the process flow.

O Help

O

Getting Started with Enterprise Miner — this document in online Help
format.

About Enterprise Miner — Production release information about your copy of
Enterprise Miner.

Help — Enterprise Miner Reference Help. This is a hierarchical help listing.
Window frame-based help is also available using the “What’s This?” tool icon
from the Enterprise Miner Toolbox.
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Using the Toolbhox

With Enterprise Miner, the toolbox at the top of the SAS window appears as follows:

SHEX| | &8 2y
1 2 3 4 5 6 7T 8

Tool tips are displayed when you hold your mouse pointer over a tool icon. The icons
of the Toolbox represent the following:

1 Open — opens a diagram within a project. You can also perform this task by using
the main menu:

‘File ‘ > ‘ Open ‘

2 Save diagram — saves the current diagram. You can also perform this task by
using the main menu

‘ File ‘ > ‘ Save diagram ‘

3 Delete Current Project — deletes the current project. You can also perform this
task by using the main menu:

‘ File ‘ > ‘ Delete current project ‘

4 User Preferences — opens the User Preferences window that you use to specify
start-up options, set the default directories for new projects, set up server profiles
for client/server projects, and specify the HTML report items that you want to
display when you run the Reporter node. You can also open the User Preferences
window from the main menu:

‘ Options ‘ > ‘ User preferences

5 Print diagram — prints the current process flow diagram. You can also perform
this task by using the main menu:

| File | » | Print |

6 Copy diagram to clipboard — copies the diagram to the clipboard. You can also
perform this task by using the main menu:

‘ Edit ‘ > ‘ Copy diagram to clipboard

7 What’s This? — turns the mouse pointer into a question mark, indicating that
Enterprise Miner is in help mode. Click inside an Enterprise Miner window with
the question mark mouse pointer to launch frame help. The window-based frame
help provides information on objects in the window frame that was selected with
the question mark mouse pointer.

8 Getting Started — launches the electronic version of this document from within
Enterprise Miner.
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Using the Pop-up Menus

Many of the functions found in the Enterprise Miner application main menus can be
duplicated using pop-up menus. Pop-up menus are launched by right-clicking on a GUI
object within Enterprise Miner. You can use pop-up menus to perform the same tasks.
This documentation frequently shows you how to perform tasks using the main menu,
but many of these tasks can also be performed by using the pop-up menus.

For example, instead of using the main menu to insert a diagram, follow these steps:

1 Select the Diagram tab of the Project Navigator and right-click on either the

Project folder, the diagram icon, or anywhere in the background of the tab. A
pop-up menu appears.

2 Select the New Diagram pop-up menu item. A new diagram is automatically added

to the project.

Unavailable and Dimmed Items

At times particular window objects and menu items are unavailable for use. When a
window object or menu item is unavailable for use, it will appear dimmed and will not
respond to mouse clicks. Some window objects are grayed dynamically; that is, when an
object’s use is contextually inappropriate for the current data mining settings, it
appears dimmed. When the data mining settings are changed so that the object’s use is
contextually appropriate, then the objects become active and will accept user input.

For statistical functions, dimmed objects are used to prevent the selection of
inappropriate combinations of options. In some cases, specifying particular options
implies that additional options must also be selected to completely specify the method
or technique. Be aware that not fully specifying options can cause errors.

Enterprise Miner Documentation

In addition to this document, Enterprise Miner contains the following documentation:

0 Enterprise Miner Reference — describes the usage of each Enterprise Miner node.
It also contains other chapters that describe how to use various features of
Enterprise Miner, such as the Target Profiler. The Enterprise Miner Reference
Help is available through the application’s main menu:

‘ Help ‘ > ‘ EM Reference ‘

Note: Users can search for text strings in the EM Reference Help, using the
menu choices:

| Edit | » | Find |

and typing in the desired search string. A

O Frame Help — Enterprise Miner nodes have Help available at the window frame
level. For Help on a field or object contained in a particular window frame:
1 Click on the Wwhat’s This? tool icon in the Enterprise Miner Toolbox. The
mouse pointer will change into a question mark.

4
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2 Click inside the window that you would like help on.

3 The Enterprise Miner Help system will deliver Help on the contents of the
window frame you selected.

O Enterprise Miner add-ins to SAS/Warehouse Administrator — This document
describes how to use the Enterprise Miner add-ins to SAS/Warehouse

Administrator. To download this document in HTML format, go to the SAS web

site http://www.sas.com/software/data_warehouse, and select the Demos/
Downloads link.
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Project Overview

A project is a collection of Enterprise Miner process flow diagrams and information
that pertains to them. Projects are often differentiated by the type of data that you
intend to analyze. In other words, it is a good idea to create a separate project for each
major data mining problem that you intend to investigate. Local projects are useful
when the data is available locally on your machine. If you need to access databases on
a remote host or distribute the data-intensive processing to a more powerful remote
host, then you should create a client/server project.

Both local projects and client/server projects are shareable; that is, multiple users
can work on the same project simultaneously. In order for the project to be shareable,
all parties must access the same client files. The server.cfg client file uses the remote
server path to point to the server, allowing multiple users to work on the same project
on both the client and server side.

Although projects are shareable, only one user can open a diagram at a time. Users
can create, edit, and delete diagrams without impacting the work of others sharing that
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project, because each diagram is an independent unit. Node clones and target profiles
created by one user may be shared by other users for use in their own diagrams.

Updates to the project start-up or exit code, warehouse path, or server profile can be
made only when there is one and only one person using the project. To learn about how
to update these project settings, read “Viewing and Specifying Project Properties” on
page 15. In a shared environment, it may be necessary to request everyone to close that
project from within their own Enterprise Miner sessions, while an administrator makes
the required changes. The same applies to renaming or deleting a project.

In an Enterprise Miner client/server project, the server profile is stored with the
project, and as thus shared by all users of that project. This facilitates profile
maintenance in a shared project environment.

Project Directory Structure

For each project, Enterprise Miner dynamically creates a number of subdirectories
that have the following structure:

Note: To view your project files in a Windows file browser, select the Diagrams tab
of the Enterprise Miner Project Navigator and right-click on a named project icon, then
select Explore. A

When you create a project, Enterprise Miner automatically assigns the EMDATA and
EMPROJ librefs to the EMDATA and EMPROJ subdirectories, respectively. By using a
predefined directory structure and storing all of the project files in the project location
(the root project directory), creating a new local project is simply a matter of supplying
a project name and location. Because each project is self-contained, you can use an
external application such as Windows Explorer to copy a project to another location.
Enterprise Miner does not place a restriction on the number of projects. There is a limit
of 100,000 diagrams per project.

Project Location

The project location directory contains the .dmp file that corresponds to the project
definition, and the various .dmd files which represent the various diagrams created
within the project. The name of the .dmp file defines the name of the project.

The following display shows the directory layout for a project named Phoenix.
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I:I reports

My diagram.dmd
Phoenix. dmg

This project contains a diagram named My diagram.dmd.

EMDATA Directory

The EMDATA directory contains potentially large files that are created when you run
the process flows in your project. When running a project in client/server mode, files are
written to the server data directory instead. However, samples taken from the remote
location are stored in your EMDATA directory so you can continue to work when a
connection to the server is unavailable.

EMPROJ Directory

Project files containing information for each diagram and its nodes, the target
profiler, and various registries are stored in the EMPROJ directory. Diagram lock (.Ick)
files are also placed in the EMPROJ directory every time a diagram is opened. This
prevents two users from opening the same diagram at the same time. The name of the
lock file is always identical to the name of the diagram in question, except for the .lck
extension. For example, a diagram file named My diagram.dmd has a corresponding My
diagram.lck lock file.

The USERS subdirectory contains files that represent the users currently sharing the
project.

REPORTS Directory

HTML reports generated by the Reporter node are stored in this directory. Each
report has its own subdirectory. The name of the subdirectory defines the name of the
report.

Viewing and Specifying Project Properties

To view and customize properties for a project, use the main menu to select

‘ Options ‘ > ‘ Project ‘ > ‘ Properties ‘

The Properties window opens. The properties window contains five tabs:

0 General — displays the project name, type, share status, and location.
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+4,| Propertiez - Phoenix

General ] Initialization B e Harehouse ] U=zers ]
@ Phoenix

Tvpe: Local Project

Share status: Sole user

Location:

lc:sasvBimysasfilesiEM Projects'Phoenix

0K | Cancel

O Initialization — specifies whether to run start-up code (such as, assigning librefs
to data sources for the project or specifying the format search paths via the
FMTSEARCH option) when the project is opened, and exit code (such as clearing
libref assignments and resetting global SAS options) when the project is closed.

+4,| Propertiez - Phoenix

General Initialization B e ] Harehouse ] U=zers ]

¥ Bun start-up code when project opened Edit...

¥ Bun exit code when project closed Edit...

0K | Cancel

By default, start-up and exit code are enabled. To prevent either the start-up or
exit code from running, deselect the appropriate check box. These options appear
dimmed if the project is currently shared.

To define start-up or exit code, select the respective button and type the
code in the editor.
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Edit start-up code [_ (O] x|
s

flibname rdata ‘d:‘dept‘dmine‘data’tuesday’;

libname kdd 'd:‘deptdmine'v8'data‘kdd’;

libname sampsio 'd:‘dept'dmine‘v8'data’tuesday’;
options fmtsearch =(rdata kdd.formats sampsio.formats);

EXAMPLE ONLY

4| | W 4

After entering your start up code, close the window and answer the prompts to
save your changes.

O Server — enables you to view and configure a default server profile. A server
profile contains all the configuration information necessary to establish a
connection on a remote server. You may edit the project server profile only when
no one else is using the project. To learn more about this task, read “Creating a
Client/Server Project” on page 20. Note that the Server tab is dimmed unless you
are viewing the properties for a client/server project.

Propertiez - gold digger M=l B3

General ] Initialization Server ] blaar srbuom pe ] U=zers ]
Host : |guldminer.pc.sas.cum

Comamid: [TCP ﬂ

Port: |

Default remote data path:
|d:'deptidmine‘users'chrobi

Signon script... I Start-up code... I

0K I Cancel I

0 Warehouse — enables you to type the warehouse path where the metadata sample
was created from the Enterprise Miner Addins to the SAS/Warehouse
Administrator. Alternatively, you can use the button to find and set the
warehouse path via an explorer interface.
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Propertiez - chrobi M=l B3

General ] Initialization ] B e Harehouse ] U=zers ]

Harehouse path:

[

Eruwse...l

0K I Cancel I

0 Users — lists the userid and sign-on time for all of the users that currently have
the project open.

Propertiez - gold digger M=l B3
General ] Initialization ] Server ] blaar srbuom pe U=zers ]

People currently using thizs project:

|Jzernid | Sezgion started
2 chrohi D2MAR2000:15:08.46

1| | 2

0K I Cancel I

Once you have set the project properties, select the button in the Properties
window or select to cancel your settings.

Creating a New Local Project

To create a new local project:
1 Use the File pull-down menu to select

‘ New ‘ > ‘ Project ‘

The Create New Project window opens:
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Create new project |

@ |Name : e

[T Client/server project Cancel |

Location:

lc:h=asvBimyeasfiles\EM Projects Brouwse. .. |

Note: To reset the default directory for new projects, use the options pull-down
menu to select the User preferences menu item. Select the Directory tab of the
User preferences window and specify the default directory path for new projects. A

2 Type the location where you want the project to be stored in the Location field.
You can also select the button to browse through the folders on your
machine and set the project Location via an explorer interface.

3 Type the project name in the Name entry field.

Create new project |

Name :
] [Fraud Detection Create |

[T Client/server project Cancel |

Location:

gazfiles'EM Projects‘\Fraud Detection Browse... |

4 To create the project, select the button. Enterprise Miner creates the project
directories, and then loads the project as the active project in the SAS Enterprise
Miner window. The project contains a default diagram named Untitled.
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Creating a Client/Server Project

Enterprise Miner enables you to access data sources (such as SAS data sets or
database management systems) on a server to use with your local SAS Enterprise
Miner session. SAS/CONNECT is the cooperative processing software that establishes
the client/server connection between the remote and local hosts. For complete
information about SAS/CONNECT, see SAS/CONNECT Software: Usage and
Reference, Version 6, Second Edition.

The client/server functionality provides the following advantages:

O distributes data-intensive processing to the most appropriate machine

O minimizes network traffic by processing the data on the server machine

0O minimizes data redundancy by maintaining one central data source

o allows you to toggle between remote and local processing.
Defining a client/server project consists of two basic steps, which are provided via a
project wizard:

1 Define the client location for the project by providing the name and a location for
the project.

2 Provide a server profile. You can specify an existing profile or create a new profile.
Note: To use data sets with user-defined formats on the server, you must have the
formats available locally and on the server. You can assign a format search path in a

project’s startup code, and in the server seed code, point to the format catalogs which
exist on the client and server. A

These steps are discussed in more detail in the remainder of this section.

Defining a New Server Profile

Before you define the location and name for the client/server project, you may want
to define a new server profile as part of your user preferences. A server profile contains
all of the information that is necessary to establish a connection to the remote server.
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To define a new server profile, follow these steps:

1 Use the options pull-down menu from the SAS Enterprise Miner window to select
the User Preferences item.

The User Preferences window opens. You define the server profile in the Server
profiles tab. This tab lists the current server profile directory and all of the profiles
that are stored in this directory. By default, server profiles are stored in the
SASUSER folder where Enterprise Miner was installed. To set the profile
directory, select the button to find and set the desired directory.

E Uszer Preferences M=l B3

Session ] Projects Server profiles ] Report= ]

Server profile directory:
[C:%“5A5VE My SASFiles Brouwse. .. I

Server profiles:

B Gold Digger Client Server Profile wamfﬂq
Bafid, I
riots I

0K I Cancel I

2 To create a new profile, select the button. A new profile entry named
Untitled is added to the list of server profiles.

E Uszer Preferences M=l B3

Session ] Projects Server profiles ] Report= ]

Server profile directory:
[C:%“5A5VE My SASFiles Brouwse. .. I

Server profiles:

gawm@mmm%mmwh New profile
L X Intitled -————_______J
Edit... I
Delete I

0K I Cancel I
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Note: To edit an existing profile, click on the button. To rename a profile,
right-click on the server profile in the list and select Rename. Type the desired
profile name. To delete a profile, use the button. A

3 Type a more descriptive profile name.
4 Click on the button. The Edit a Server Profile window opens.

Edit a server profile |

Host: |i
Comamid: |TCP ﬂ
Port: |

Default remote data path:

Signon script... I Start-up code... I

Load profile... | Test signon | Close I

Note: 'To load the profile settings from an existing profile, select the
button. Select the *.srv file that contains the profile settings for the existing
server. A

Type the remote host address name. The Host can be the machine name (for
example, golddigger.pc.sas.com) or its numeric IP address (123.321.12.99). The
address name for a NETBIOS network can contain a maximum of eight characters.

Select the drop-down arrow to set the Comamid parameter. The Comamid
parameter identifies the communication access method that is used to connect to
the remote host.

If a spawner is necessary to establish the remote connection, then type the Share
port that the agent spawner runs on. You can type either the service name (for
example , shr3) or the port number (for example, 5012). The Port field is required
if you are running a Windows NT server where the agent spawner has been set up
to run on the share port. It is not required on other platforms.

Type the Default remote data path where Enterprise Miner will store large
intermediate files on the server. The path should be specified according to the host
machine’s naming convention. The server must be able to reference this location,
and you must have write access to this path. Files in this path are accessed via
remote library services when needed; they are not moved to the client.
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Edit a server profile |

Ho=t : |guldminer.pc.sas.cum
Comamid: [TCP ﬂ
Port: |

Default remote data path:
|d:dept'.dmine‘\users"

Signon script... I Start-up code... I

Load profile... | Test signon | Close I

9 Set the signon script file. If Comamid is set to TCP, then you must set the script
file that is used to initiate and terminate the remote session. A script file is an
external file on the local system that contains special SAS statements that control
the connection. To set the script file, follow these steps:

a Select the button. The Signon Script window opens. At this

stage, you can open an existing script, or create a new one.
b To open an existing script, use the main menu commands:

‘File ‘ > ‘ Open ‘

Alternatively, you can select the Open tool icon (third tool icon on the
toolbox). Find and select the script (.scr) file in the Open window and then
click the button. The script file is copied to the Signon Script window.

¢ To create a new script file, type the script file statements in the Signon Script
window or modify an existing script file to suit your needs. Save the script
file by using the File pull-down menu to select the save As menu item.

. Signon script [ _ (O] x|

if not tcp then goto notcp; ;l

if signoff then goto signoff; EXAMPLE ONLY

R — TCP SIGNON === == m o m e oo o *s
waitfor ‘Hello>’

, ‘access denied’ ! nouser

, 120 seconds ;. timeout

log 'NOTE: Logged onto Windows... Starting remote SAS now.’; J

/% noterminal suppressses prompts from remote SAS =ession. L¥
/* nofsyntaxcheck prevents remote side from going into syntax */
/% checking mode when a swvntax error iz encountered. LF
/% The Win spawner supplies the following options by default: */
L -DMR -COMAMID TCP $SASDMR MSGOQUEUE -NOLOGO -NOTERMINAL */
type 'd:‘software"5A5 server'vB\sas'sas.exe ';

type ' -device grlink -no$swntaxcheck' LF;

waitfor 'SESSION ESTABL ISHED', 120 seconds : nosas;

log 'NOTE: SAS/CONMECT conwversation established.’; =
| | >

d After you have set the script file, close the Signon Script window to return to
the Edit a Server Profile window.

10 If you need to enter start-up code that runs when the server is initialized, select

the button. The Start-up Code window opens. Type the start-up
code in the Start-up Code window. You do not need to enclose the statements in an
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rsubmit; endsubmit; block. You might want to use this feature to assign a libref to
a remote directory that contains SAS data sets via a LIBNAME statement or
assign the SAS format search path via the FMTSEARCH option. When you have

finished entering your start-up code, close the window. Your code is saved and you
return to the Edit a Server Profile window.

Start-up code M= B
1ibname rdata 'd:‘dept‘dmine‘data"tuesday’; -
libname kdd ‘d:“dept‘dmine‘v8.data‘kdd’;
libname sampsio 'd:‘dept‘dmine‘wv8'data’tuesday’;

options fmtsearch =(rdata kdd.formats sampsio.formats];

EXAMPLE ONLY
4| |

M

11 To test the server profile, select the button.

GAS ]

@ Do wou want to connect bo

"goldrminer. po. zaz. com' 7

The Test Result window opens indicating whether or not Enterprise Miner was
able to establish a connection to the server.

SAS |

@ Connected succeszshullyl

If the connection failed, cycle back through the above steps to determine where

you may have incorrectly configured the server profile. You may want to consult
your systems administrator.

Once you have configured the server profile, close the Edit a Server Profile window. A
message window opens that prompts you to save your changes to the server profile.
Select to save your changes. Select to prevent your changes from being saved

and to return to the SAS Enterprise Miner window. Select to return to the Edit
a Server Profile window.
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How to Create a Client/Server Project

To create a client/server project, follow these steps:
1 Use the main menu to select

‘ File ‘ > ‘ New ‘ > ‘ Project ‘

The Create New Project window opens:

Create new project |

Hame :
d | Create |
[T Client/server project Cancel |

Location:

lc:h=asvBimyeasfiles\EM Projects Brouwse. .. |

2 Set the client Location for the project and the Name and then click the client/

server project check box. To set the location, type the path in the Location
field.

Create new project |

Hame :
¥4:5) loold digger __Create |
M Client/server project Cancel |

Location:

tHy SASFiles'EM Projects'gold digger Browse... |

3 Select the button in the Create New Project window. The Client/server
project window opens:

Client/zerver project |
Server profile:
| Browse . . I
HNew. ..

Location for intermediate files on server .

1] .4 Cancel
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4 Specify an existing Server profile or create a new one.

o To specify an existing server profile (a .srv file), use the button to
find and set the server profile or type the server profile path name. You can

also define a server profile in advance as part of the user preferences.

Client/server project Ed |

Server profile:
[C:.5A5V8 My S5ASFiles'Gold Digger Client EBrnwse...l

HNew. ..

Location for intermediate files on server .

|d:‘dept'.dminelusers'chrobi

1] .4 Cancel

o To create a new server profile, select the button. Follow the steps
outlined in “Defining a New Server Profile” on page 20.

5 Once you have defined the server profile, select the button to create the
client/server project.

6 A message window opens asking you if you want to connect to the server.

GAS ]

@ Do wou want to connect bo

"goldrminer. po. zaz. com' 7

Select to connect to the server or select to run the project locally. The
project is automatically loaded as the active project in the SAS Enterprise Miner
window. The connection status indicator at the lower-right corner of the window

indicates whether or not the project is connected to the server.
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SAS Enterprize Miner - gold digger [Untitled] Hi=] B3

| e I

ry
'@ gold digger j
of

| Diagrams | Tools l Reports J ﬂ_l b

| | % Connected to ooldminer.nc.ses.co

To disconnect from the server, right-click on the project folder in the Project
Navigator and select the Disconnect from server pop-up menu item.

SAS Enterprize Miner - gold digger [Untitled]

'@

s

Fename
Delete

Claze

Mew diagram

Dizconnect fro

Froperties - |
D i agram: Explare... J_I L4

| % Connected to ooldminer.nc.sas.co

To connect to the server, right-click on the project folder in the Project Navigator and
select the Connect to server pop-up menu item.

SAS Enterprise Miner - gold digger [Untitled] H= E

S0 b | S(3e-{Bis ] $ 0] 8

-fgg Unlitle Rename
Delete

Close

Mew diagram

Properties -
Diagrans Explore... A 3|

| ¥ Mot connected
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Select the button in the confirmation prompt window

SAS =

@ Do wou want to connect bo

"goldrminer. pc. zaz. com' 7

Note: You can also double-click on the connection status indicator to connect to the
server. A

If you have an application that launches Enterprise Miner, but establishes a
connection beforehand, you can ensure that Enterprise Miner uses the existing
connection by editing the server.cfg file in your project’s EMPROJ subdirectory.

Bl server.cig - Notepad =] E3
File Edt Search Help

rh'!‘SERUEHPHI]FILE%B.B ﬂ
# SAS/CONNECT comamid option

COMAMID: TCP

# Pre-existing connection
CONID:

DATA_PATH: d:\deptidminejusersichrobi

# Host name or IP address
HOST: goldminer.pc.sas.com

# SAS/CONHECT script LI

Type the coNID for the existing connection. For example, if your application connects
to a server using CONID=myhost, then you would type this value for the CONID option
in your server.cfg file. When you make these changes Enterprise Miner will not try to
make a connection when opening the project if a connection already exists. Likewise,
when Enterprise Miner is instructed not to make an connection when opening a project,
Enterprise Miner will also not terminate the connection when the project is closed.

Using a Server Profile in Batch Mode to Connect to a Server

You can use your server profile in batch mode to connect to the server by submitting
the following code from the Program Editor window of SAS:

$let profile=c:\profiles\my server.srv;
proc display c=sashelp.dmcon.connect.scl;

run;
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Note: The code assumes that your server profile is named 'my server.srv’ and is
stored in c:\profiles. You should modify those parameters to match the server profile
name and storage path with the ones on your intstallation. A

Opening a Process Flow Diagram

To open a process flow diagram within the project:
1 Select the Diagrams tab of the Project Navigator if it is not already active.

2 Double-click on the diagram icon or label that you want to open. Alternatively, you
can right-click on the diagram label and select the Open pop-up menu item.

When a selected diagram is opened, the Diagram Workspace becomes active, and the
diagram can be edited, run, and saved. A diagram contains the data mining process
flow that you build interactively. You can think of a diagram as a type of graphical
computer program. To learn more about building process flow diagrams, read
“Components Used to Build Process Flow Diagrams” on page 37.

| SAS Enterprize Miner - Fraud Detection [Unlitled]
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Note: The fraud detection project contains one diagram named Untitled. You can
have more than one diagram for each project. A

Opening an Existing Project

To open an existing project or a diagram within that project, follow these steps:
1 Use the main menu to select

‘File ‘ > ‘ Open ‘

or you can just click the Open tool icon in the toolbox.

In the Open window, browse through the folders on your machine to find the
project .dmp file or the diagram .dmd file.
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Open EHE
Look in: I _ 1 goid digger j gl

| Eemdats:
| lempraj
| lreports

Untitled.dmd

File name: IUntitIed.dmd Open I
Files of type: Idmd Files [*.dmd] j Cancel |

2 Select the project .dmp file or the diagram .dmd file that you want to open. If you
select a diagram .dmd file that is already opened by another user, then a message
window appears indicating that the diagram is locked.

Select the button to open the project.

Once you have opened a project, you must work with an existing diagram in the
project, create a new diagram, or wait until a locked diagram becomes available.

Note: Multiple users can open the same project (.dmp file) but not the same
diagram (.dmd file) within the project. A

Note: If the project is a client/server project, then a message window appears asking
if want to connect to the server.

GAS ]

@ Do wou want to connect bo

"goldrminer. po. zaz. com' 7

Select to establish a connection to the server or select to run the project
locally. A

Saving a Project Diagram

To save a project diagram, first close any open nodes in the Diagram Workspace.
Then, use the File pull-down menu to select the Save diagram menu item.

| File

> ‘ Save diagram ‘
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Note that you can also perform this function by selecting the Save Diagram tool icon on
the Tools Bar.

To save the current diagram to a different name, use the File menu to select the
Save diagram as menu item. The Save Diagram As window opens. Type the diagram
name in the save as field and then select the button.

Running a Project Diagram

To generate results from a process flow diagram, you must run the process flow path
to execute the code that is associated with each node. The paths can be run in several
ways:

0 When the node in the Diagram Workspace is closed and selected (a dotted line

surrounds selected nodes), you can use the main menu:

‘ Actions ‘ > ‘ Run ‘

0 Also if the node in the Diagram Workspace is closed, you can
1 Right-click the node to open a pop-up menu.
2 Select the Run pop-up menu item.

O Many nodes, including all of the modeling nodes, can be run when the nodes’
tabbed configuration window is open. To run an open modeling node, select the
Run icon on the toolbox or use the main menu:

‘ Tools ‘ > ‘ Train Model ‘

For non-modelling nodes, the main menu selection is

‘ Tools ‘ > ‘ Run <Node Name> ‘

You must run the predecessor nodes in your process flow diagram before you
can run an open node.

When a node in a process flow diagram is run, a green box surrounds each node icon
in succession as information is passed from node to node in the process flow. When you
run a process flow diagram that contains a Group Processing node, a blue box
surrounds the Group Processing node icon to indicate the beginning of each loop
iteration. If the process flow diagram contains a Reporter node, yellow boxes surround
the predecessor nodes to indicate that the HTML reports are being generated. Red
boxes surround nodes that fail when executed. To determine the error condition
associated with a failed node, use the main menu

‘View ‘ > ‘ Messages

In most cases, if you have not run the predecessor nodes in the process flow, then
these nodes automatically run when you run the selected successor node. If you have
already run the predecessor nodes in the process flow, and you have not changed any of
the node settings in the interim, then they do not run when you run the selected
successor node. Any nodes that follow the selected node are not run.

When the path has executed, a message dialog box opens stating that the task is
completed.

Select the button to close the message dialog box.
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SAS |

® Run far Clustering completed successfully,

Do vou wizh to view resultz?

Note: The message dialog box for any node with results asks you if you want to view
the results. Select the button to view the results in a result browser. Select the
button if you do not want to view the results. A

You can view the results for nodes that generate results by right—clicking on the node
icon and selecting the Results pop-up menu item. Alternatively, use the main menu:

‘ Actions ‘ > ‘ Results ‘

Closing Projects and Diagrams

To close a project that is open, right-click the project folder in the Project Navigator
and select the Close pop-up menu item. You can also use the main menu:

‘ File ‘ > ‘ Close project ‘

Both methods automatically save your changes to the project.
To close a diagram, use the main menu:

‘ File ‘ > ‘ Close diagram ‘

Creating a New Diagram

To create a new diagram, follow these steps:

1 Open the project which will contain the new diagram.

2 Right-click anywhere in the Diagram tab of the Project Navigator and select the
New Diagram pop-up menu item.

3 By default, a new diagram named Untitled is added to the project. An n subscript
is added to the diagram name to distinguish untitled diagrams.

Alternatively, you can use the main menu:

‘ File ‘ > ‘ New ‘ > ‘ Diagram

The diagram becomes active in the Diagram Workspace. To rename the diagram,
right-click on the diagram label in the Project Navigator and select the Rename pop-up
menu item.

Deleting Projects and Diagrams

To delete a project, first open the project to be deleted, then right-click on the project
name in the Project Navigator and choose Delete current project.
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Alternately, you could select the project name in the Project Navigator and use the
main menu:

‘ File ‘ > ‘ Delete current project ‘

A dialog box prompts you to verify the deletion.

Delete project Ed |

Are you sure ol want to delete thiz project?
9 MOTE: &ll filez in this project's subfolders will

be deleted!

Mo

Select the button to verify that the project is to be deleted, or select the
button to cancel the deletion.

CAUTION:
If you placed your own files within the project’s directory tree structure (for example, a

SAS data set), then these files are also deleted when you delete the project. A/l files
within the project folder are deleted! ~

Other ways to delete a project include the following:

o Delete the root project directory from outside of Enterprise Miner using another
tool, such as Windows Explorer. In order to delete it from outside of Enterprise
Miner, the project must not be open. You can only delete local projects with this
method.

IEIl:| my projects
a fraud detection
-] Phoenix

You can only delete a project if you are the sole user.

If you delete a client/server project when you are connected to the server, then all of
the project files are deleted — including those on the remote host. If you are not
connected to the server, and choose not to reconnect, then only the local project files are
deleted. A local “kill” file named “projectname_Xkill.sas” is written to the project root
directory. When you submit this kill file from the SAS Program Editor window, a
connection is established to the server and then the project remote files are deleted.

To delete a diagram, right-click on the diagram name in the Project Navigator and
then select the Delete pop-up menu item. A dialog box prompts you to verify the
deletion.
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SAS

Dielete the diagram "'Untitled' "

Select the button to verify that the diagram is to be deleted, or select the
button to cancel the deletion.

Project Troubleshooting Tips

If Enterprise Miner inadvertently crashes or program halts, then the .Ick file for the
diagram usually does not get deleted. This will prevent you from reopening the diagram
in a new Enterprise Miner session, because you will actually hold a lock on the
diagram. If this occurs, follow these steps:

1 Close your Enterprise Miner session.

2 Use Windows Explorer or a suitable file utility to locate and open the EMPROJ
subfolder for the project.

3 Find the .lck file that matches the diagram you were working on and delete it.

4 Restart Enterprise Miner and open the diagram.

If you restart Enterprise Miner and the Project Properties window indicates the
project is currently being shared, but you know that you are the only person using the

project, then Enterprise Miner was also probably not shutdown properly. In this case,
follow these steps:

1 Close all Enterprise Miner sessions.
2 Make sure that no one else is using the project.

3 Use Windows Explorer or a suitable file utility to open the EMPROJ folder for the
project.
4 Open the USERS folder and delete its contents, but not delete the USERS folder!
5 Restart Enterprise Miner and reopen the project.
If you try to open a project and are informed by a message window that the project
libraries could not be assigned, then either the EMPROJ or EMDATA library are still in

use. A few potential reasons why the EMPROJ or EMDATA library is still in use
include the following:

0 An FSVIEW window for a data set in either library could be open

0 An CATALOG window is open

O A data set or some other SAS file was not closed properly by Enterprise Miner.
You should first try to find and close the window that is using the data set or file. If

you are still unable to open the project, you should close and then restart Enterprise
Miner. If this fails as well, then close and restart SAS.
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Exporting Version 4.0 Projects

In Enterprise Miner Version 4.0, the project export wizard has been removed. Since
Version 3.0 and 4.0 projects are self contained in the project root directory, exporting a
project simply involves copying or moving the entire project to the desired target
location using an external application such as Windows Explorer. You may also want to
use a third party application such as Winzip to archive the project before exporting it to
a new location. You can unzip the project in your new directory.

For Version 3.0 and Version 4.0 client/server projects, you should archive the server
files separately from the client files.

Importing a Version 2.0x Project

You can also import Version 2.0x DMX files with some restrictions:

0 Version 2.0x DMX files that were created from the projects located in the WORK
library will be imported as temporary projects. When a temporary project is
closed, it is deleted.

0 Version 2.0x DMX files that were created using SASUSER or SASHELP as either
the data or project library cannot be imported.

To import a Version 2.0x project directly, follow these steps:

1 Invoke Enterprise Miner and use the File pull-down menu to select the Import
Version 2 project item.

2 Set the 01d project library location and the New project location in the
Import Version 2 project window:

Import version 2 project |

" Import DMX file " Import project directly
DHX file:

| Browse. .. |

£He I Cancel I

3 Select the button to find the .dmx file to import, then click [OK]. The
project is loaded as the active project.

You must not have an Enterprise Miner 2.0x session open when importing the
project. You can only import 2.0x projects that are on the same PC as your Enterprise
Miner 4.0 session. Enterprise Miner 2.0x projects using either SASUSER or SASHELP
as the project data library cannot be imported. Enterprise Miner 2.0x WORK
(temporary) projects cannot be imported using this method.
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Opening a Version 3.0x Project

To open a Version 3.0x project directly, follow these steps:

1 Invoke Enterprise Miner and from the main menu, select

‘File‘ > ‘Open‘

2 Use the interface to locate the version 3.0x project directory. In the Version 3.0x
project directory, select the project and click on [Open].

3 A Conversion to V8 Required window opens.

I'l_'i'_ Converzion bo SAS5 V8 required

WARMING:
COWYERSION TO SAS Wa REQUIRED

The filez that comprize thiz project must undergo a conversion o
545 W8 format. These filez will be converted in place and no backups
will be made far you.

It iz advizable that vou backup this entire project before proceeding,
athenwize you rizk loging data.

For further infarmation, contact wour gite representative.

— | have read the above warning and would like to procesd:

ez ™ Mo

..............................

Note: We strongly recommend you back up your Version 3.0x project before
opening it in Enterprise Miner 4.0. Do not revisit that project using SAS 6.12 after
it has been converted. Although it will appear that you can add and delete
diagrams, the project file will become corrupt. If you want to use separate versions
of Enterprise Miner on the same project, you should make a copy of the project
files to use with Enterprise Miner 3.0x and use a different copy for conversion and
use in Enterprise Miner 4.0. Ao

4 Select the Yes radio button and to proceed with the conversion.

For information on converting Version 6 data sets to Version 8 data sets, see
“Converting SAS Version 6 Elements” in the SAS System Help.
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Components Used to Build Process Flow Diagrams

After opening a project diagram, you use the Diagram Workspace, the Tools Palette
of the Project Navigator, and the Tools Bar to edit and modify the diagram; that is, you
can add nodes, connect nodes, cut connections, and delete nodes.
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The Toolbox and the application main menus at the top of the SAS Enterprise Miner
window also contain useful items for constructing process flow diagrams.

The Tools Palette

The Tools Palette in the Project Navigator displays all of the data mining tools that
are available for constructing process flow diagrams. The tools are group according to
the phase of the SEMMA data mining process. You drag and drop nodes from the Tools
Palette onto the Diagram Workspace.

To view the properties of a node, right-click on the tool icon and select the
Properties pop-up menu item. To learn more about this task, read “Viewing and
Setting Node Defaults” on page 65.

For a description of the nodes, read “Organization of Enterprise Miner Nodes” on
page 49.

The Tools Bar

By default, the Tools Bar contains a subset of Enterprise Miner tools that are
commonly used to build process flow diagrams in the Diagram Workspace. You can also
drag and drop tools from the Tools Bar onto the Diagram Workspace. To display tool
tips, move your mouse pointer slowly over the icons on the Tools Bar (do not press down
any of the mouse buttons).

To reposition a tool on the Tools Bar, drag and drop the tool icon to the desired
location.

To add a node from the Tools Palette to the Tools Bar, drag and drop the tool icon
from the Tools Palette to the Tools Bar.

To remove a tool from the Tools Bar, right-click on the tool icon and select Remove
from tool bar.

To view the properties for a tool, right-click on a tool icon and select Tool
Properties.

The Messages Window

The Messages window displays messages that are generated by the creation or
execution of a process flow diagram. The Messages window is useful for detecting errors
that may have occurred when running a node or a process flow path. To display the
Messages window, use the view pull-down menu to select the Messages menu item.
The Messages window appears on your desktop. You must close the Messages window
to continue working with the process flow diagram.
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The messages are stored as part of the diagram. They may be cleared from within
the Messages window by selecting from the main menu:

‘ Edit ‘ > ‘ Clear Text

Note: Messages are also displayed in the message panel when you create or execute
a process flow diagram. The message panel is the second panel along the bottom of the
SAS Enterprise Miner window. A

Using the Diagram Workspace Pop-up Menu

You can use the Diagram Workspace pop-up menus to perform many tasks. To open
the pop-up menu, right-click in an open area of the Diagram Workspace. (Note that you
can also perform many of these tasks using the pull-down menus.) The pop-up menu
contains the following items:

0O Add node — accesses the Add node window.

Add endpoints — adds enter and exit endpoints to a subdiagram.
Paste — pastes a node from the clipboard to the Diagram Workspace.
Undelete — undeletes the last deleted node.

Delete — deletes the selected node.

Select All — selects all nodes in the process flow diagram.

I I I R o Y

Create subdiagram — creates a subdiagram (see“Subdiagrams” on page 54).
Note that to create a subdiagram, you must first select the nodes and connections
that are to be included in the subdiagram.

[

Refresh — refreshes the image that is displayed in the Enterprise Miner window.
Up one level — collapses a subdiagram.

Top level — moves to the top level of the process flow diagram. At the top level,
all subdiagrams are condensed.

O Connect items — a mode of editing where node icons are fixed in location so it is
easier to connect nodes.

O Move items — a mode of editing where node icons cannot be connected so it is
easier to move nodes.

O Move and connect — the default mode of editing where node icons can be moved
and connected.
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Adding Nodes to a Diagram

You add nodes to the Diagram Workspace to create a process flow. Nodes should be
connected in a logical order that represents the desired components of the sample,
explore, modify, model, and assess (SEMMA) methodology. In general, the flow of your
process flow diagrams should follow this methodology.

You can add nodes to a process flow diagram in five ways:

o Drag and drop node icons from the Tools Palette of the Project Navigator to the
Diagram Workspace.

o Drag and drop node icons from the Tools Barto the Diagram Workspace. This task
is accomplished the same way that you drag and drop nodes from the Tools Palette.

0 Use the Diagram Workspace pop-up menu. Right-click on an open area in the
Diagram Workspace, and select the Add node pop-up menu item. The Add node
window appears.
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Select the desired node from the list of nodes. The node appears in the Diagram
Workspace.

Double-click an open area in the Diagram Workspace to display the Add Node
window.

Using the Actions pull-down menu to select the Add Node menu item. This action
opens the Add Node window.

Using the Node Pop-up Menu

To open a node pop-up menu, right-click on a node icon in the Diagram Workspace.
The node pop-up menu contains the following items:

O
O

O o o g

Open — opens the node.

Run — runs both the selected node and all predecessor nodes in the process flow
diagram that have not been run.

Results — opens the node results browser for those nodes that generate results.
You must run the node before you can open the results browser.

Copy — copies the node to the paste buffer.

Note: To paste the node onto the Diagram Workspace, use the Edit pull-down
menu to select the Paste menu item.

Delete — deletes the node.
Clone — clones a node.
About — displays node properties in the About window.

Connect items — a mode of editing where node icons are fixed in location so it is
easier to connect nodes.

Move items — a mode of editing where node icons cannot be connected so it is
easier to move nodes.

Move and connect — the default mode of editing where node icons can be moved
and connected.

Connecting Nodes in a Diagram

You connect nodes in the Diagram Workspace to create a logical process flow. When
you create a process flow, you should follow the Sample, Explore, Modify, Model, and
Assess (SEMMA) data mining methodology. Information flows from node to node in the
direction that the connecting arrows point. There are three editing modes available in
the Diagram Workspace. You can right-click on a node to access these modes:
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O Connect Items — Enables you to create connections between nodes. In this
editing mode, the nodes are fixed in location, so that you can more easily make
connections.

O Move Items — Enables you to move nodes from one location to another within the
Diagram Workspace. In this editing mode, you cannot make connections.
0O Move and Connect — The default mode you use to move and connect items.

As an example of connecting nodes, try to connect the Input Data Source node to the
Sampling node. Assuming that the Input Data Source node is located to the left of the
Sampling node, the steps to create a connection are as follows:

1 Move the mouse pointer to the right edge of the Input Data Source icon. The
mouse pointer changes from an arrow to a cross.

2 Select and hold the left mouse button down, drag the mouse pointer to the left
edge of the Sampling node icon, and release the mouse button. A successful
connection results in a line segment that joins the two nodes.

Input Data Sampling
Source

Note that if the Input Data Source icon moves (instead of making a connection),
then you should right-click on the node icon and select the Connect items pop-up
menu item. You can also move the mouse pointer away from the icons and
single-click the left mouse button, and then attempt to make the connection.

3 Move the mouse pointer away from the node icons, and click the mouse pointer on
a blank area. The line segment that connects the tool icon becomes an arrow,
coming from the Input Data Source node icon and pointing at the Sampling node
icon. The direction of the arrow is important because it indicates the direction of
the information flow from one node to the next. In this example, the Input Data
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Source node is the predecessor node, and the Sampling node is the successor node
in the process flow.

E B

Input Data Sampling
Souwrce

You use this same technique to connect additional nodes. Most nodes can have multiple
predecessor and successor nodes. See “Usage Rules for Nodes” on page 58 for more
information.

Cutting Connections in a Diagram

To cut a connection between two nodes, follow these steps:
1 Select the arrow that connects the nodes. The arrow changes to a line segment.

Input Data Sampling
Source

2 Allow the mouse pointer to remain on the line segment, and then right-click to
open a pop-up menu.

3 Select the pelete pop-up menu item. The line segment disappears from the
Diagram Workspace, and the nodes are no longer connected. Cutting the
connection between node icons cuts the information flow between those nodes.

Deleting Nodes from a Diagram

To delete a node from the process flow diagram, follow these steps:

1 Right-click on the node icon to open a pop-up menu.

2 Select the pelete pop-up menu item. A verification window appears asking you to
verify that you want to delete this node. If you select the button, then the

node is removed from the process flow diagram. If you select the button,
then the node remains in the process flow diagram.

Note: This task can also be performed by selecting the node and using the Delete
tool icon from the toolbox. A

To restore the deleted node, right-click in an open area of the Diagram Workspace
area and select the Undelete pop-up menu item. The node is copied to the Diagram
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Workspace, but any previous connections are lost. You must redraw your node
connections.
To delete multiple nodes, follow these steps:

1 Select a node icon that you want to delete, and then SHIFT-click or CTRL-click
the remaining node icons that you want to delete. The selected nodes become
highlighted. Alternatively, you can select multiple nodes by dragging your mouse
pointer around the nodes that you want to delete. A box appears around the
selected node icons. This technique is referred to as “rubber banding” nodes.

2 Allow the mouse pointer to remain on the selected icons, and then right—click to
open a pop-up menu.

3 Select the pelete pop-up menu item. A verification window appears asking you to
verify that you want to delete these nodes. If you select the button, then the
nodes and their connections are removed from the process flow diagram. If you
select the button, then the nodes remain in the process flow diagram.

To delete all nodes in the process flow:
1 From the main menu, select

| Edit | » | Select all |

2 After all the nodes are selected, from the main menu choose

‘ Edit ‘ > ‘ Delete ‘

or click the Delete icon in the Tool Box.
Note: You cannot restore a multiple node deletion. A

When you delete a predecessor node in a process flow diagram, the results are still
available in the successor node(s). It is important to note that the results may not be
reliable or accurate. For example, assume that you defined the following process flow
diagram and ran the flow from the Regression node:

aiii——————————h-f

SAMPSI10. Data
DMAGECRH Partition

—

Regression

You then decide to delete the Data Partition node and add a new Data Partition node
to the flow. The Regression node will still store the results from the first run of the flow.
To obtain the updated regression results, you need to re-run the flow.

Moving Nodes in a Diagram

To move a node, follow these steps:

1 Use the mouse pointer to drag the node that you want to move. A box appears
around the icon indicating that it has been selected.

2 Drag the node icon to a new position on the Diagram Workspace. Note that when
you drag the node icon, the mouse pointer becomes the shape of a hand. The
connection arrows will typically bend and/or stretch to accommodate the move.

Note: To move multiple nodes, first “rubber band”, SHIFT-click, or CTRL-click the
nodes you want to move. A
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Copying and Pasting a Node

You can copy an existing node to memory and paste it in the Diagram Workspace. The
same node attributes that you copy are used in the new node. You can copy a node from
one diagram and paste it to another diagram if you want. However, you cannot copy a
node from one project to another project. To copy an existing node, follow these steps:

1 Right-click on the node that you want to copy in the Diagram Workspace. Select
the Copy pop-up menu item.

2 Right-click on the location where you want to paste the node. Select the pPaste
pop-up menu item.

Because a Subdiagram node can represent multiple nodes in a diagram, you can use
this node to copy more than one node at a time.

Cloning a Node

You may want to clone a node if you plan to use the node repeatedly in a project. For
example, assume that you have an input data set defined in an Input Data Source node.
If you want to use the same input data set in the current diagram or in another
diagram of the project, then you can clone the existing Input Data Source node. When
you clone a node, it is added as a new node on the Tools Palette in the Custom section.
When you want to use the node, you simply drag it from the Tools Palette onto the
Diagram Workspace. The information that is contained in the original (parent) node is
included in the cloned node; for example, the target variable, the roles and
measurement levels for other variables and for the metadata sample are the same. You
can also redefine the attributes of the cloned node.

If you did not clone the node, you would have to add a new Input Data Source node
to the Diagram Workspace, set the node options, and create the metadata sample. If
you are going to use the same data set often in the project, then this method takes
longer than cloning an existing node.

Note: If you are going to use the same data set in several projects or diagrams, you
can use the SAS Data Warehouse Administrator to set up the data sets, and use the
Enterprise Miner Warehouse Add-ins for applying whatever measurement levels and
roles you want in your data. Any users that use this data would pick up the metadata
sample, along with the roles and measurement levels already assigned. 2

To clone multiple nodes, add the nodes to a subdiagram node (see “Subdiagrams” on
page 54) and then clone the subdiagram node.
To clone a node:

1 Select the node you want to clone (the parent node) in the Diagram Workspace.
2 Right—click the node and select the Clone pop-menu item.
The Clone Current Node window opens.
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The Clone Current Node window lists the selected node and the following new
tool (node) information:

0 Cloned data — the SAS entry that contains the new node information.
0 Cloned class — the catalog entry that identifies the parent node.

O Description — the name of the cloned node. By default, the description is set
to “Clone of node name”. You should type a new description in the entry field.

0 Image — the icon that is used for the cloned node on the Tools Palette, Tools
Bar, and the Diagram Workspace. By default, the parent node icon is used as
the clone node icon. To change the icon image, select the arrow control and
then select an icon from the list.

3 Type a node description in the Description field.
4 Select the Image arrow and choose a new icon image.
5 Select the button to return to the Diagram Workspace.

The node is added as a new custom tool entry on the Tools Palette of the Project
Navigator.
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The cloned node (for this example, SAMPSIO.DMAGECR) can be used just like any
other node on the Tools Palette. It can be redefined and/or connected to other nodes in a
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process flow, deleted, copied to the tools bar, and used in other process flow diagrams of
the project.

Note: If you are working in a shared project environment, you should periodically
refresh the Tools Palette in order to see and make use of clones that may have been
created by other users. A
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Organization of Enterprise Miner Nodes

The nodes of Enterprise Miner are organized into categories of the Sample, Explore,
Modify, Model, and Assess (SEMMA) data mining process. Notice that parts of the data
mining process can be repeated; for example, you may want to explore data and plot
data at several points in the process. Also, you may want to fit models, assess the
models, refit the models and then reassess. In addition to the data mining tools, utility
nodes are also provided. They enable you to submit SAS programming statements, to
create data mining databases, to perform group processing, to define control points in
the process flow diagram, and to create subdiagrams.

Sampling Nodes

0 The Input Data Source node enables you to access SAS data sets and other types
of data. This node reads data sources and defines their attributes for processing by
Enterprise Miner. Meta information (the metadata sample) is automatically
created for each variable when you import a data set with the Input Data Source
node. Initial values are set for the measurement level and the model role for each
variable. You can change these values if you are not satisfied with the automatic
selections made by the node. Summary statistics are displayed for interval and
class variables.

0 The Sampling node enables you to take random, stratified random samples, and
cluster samples of data sets. Sampling is recommended for extremely large
databases because it can significantly decrease model training time. If the sample
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is sufficiently representative, then relationships found in the sample can be
expected to generalize to the complete data set. The Sampling node writes the
sampled observations to an output data set and saves the seed values that are
used to generate the random numbers for the samples so that you may replicate
the samples.

The Data Partition node enables you to partition data sets into training, test, and
validation data sets. The training data set is used for preliminary model fitting.
The validation data set is used to monitor and tune the model weights during
estimation and is also used for model assessment. The test data set is an
additional hold-out data set that you can use for model assessment. This node
uses simple random sampling, stratified random sampling, or user defined
partitions to create partitioned data sets.

Exploring Nodes

The Distribution Explorer node is an advanced visualization tool that enables you
to quickly and easily explore large volumes of data in multidimensional
histograms. You can view the distribution of up to three variables at a time with
this node. When the variable is binary, nominal, or ordinal, you can select specific
values to exclude from the chart. To exclude extreme values for interval variables,
you can set a range cutoff. The node also generates summary statistics for the
charting variables.

The Multiplot node is another visualization tool that enables you to explore larger
volumes of data graphically. Unlike the Insight or Distribution Explorer nodes, the
Multiplot node automatically creates bar charts and scatter plots for the input and
target variables without making several menu or window item selections. The
code created by this node can be used to create graphs in a batch environment,
whereas the Insight and Distribution Explorer nodes must be run interactively.

The Insight node enables you to open a SAS/INSIGHT session. SAS/INSIGHT
software is an interactive tool for data exploration and analysis. With it you
explore data through graphs and analyses that are linked across multiple
windows. You can analyze univariate distributions, investigate multivariate
distributions, and fit explanatory models using generalized linear models.

The Association node enables you to identify association relationships within the
data. For example, if a customer buys a loaf of bread, how likely is the customer to
also buy a gallon of milk? The node also enables you to perform sequence discovery
if a time stamp variable (a sequence variable) is present in the data set. Binary
sequences are constructed automatically, but you can use the event chain handler
to construct longer sequences based on the patterns discovered by the algorithm.

The Variable Selection node enables you to evaluate the importance of input
variables in predicting or classifying the target variable. To preselect the
important inputs, the node uses either an R-square or a chi-square selection (tree
based) criterion. The R-square criterion enables you to remove variables in
hierarchies, remove variables that have large percentages of missing values, and
remove class variables that are based on the number of unique values. The
variables that are not related to the target are set to a status of “rejected.”
Although rejected variables are passed to subsequent nodes in the process flow
diagram, these variables are not used as model inputs by a more detailed modeling
node, such as the Neural Network and Tree nodes. You can reassign the status of
the input model variables to “rejected.”
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Modifying Nodes

O

O

The Data Set Attributes node enables you to modify data set attributes, such as
data set names, descriptions, and roles. You can also use this node to modify the
metadata sample that is associated with a data set, and to specify target profiles
for a target. An example of a useful Data Set Attributes application is to generate
a data set in the SAS Code node and then modify its metadata sample with this
node.

The Transform Variables node enables you to transform variables: for example,
you can transform variables by taking the square root of a variable or by taking
the natural logarithm. Additionally, the node supports user-defined formulas for
transformations and provides a visual interface for grouping interval-valued
variables into buckets or quantiles. Transforming variables to similar scale and
variability may improve the fit of models, and subsequently, the classification and
prediction precision of fitted models.

The Filter Outliers node enables you to identify and remove outliers from data
sets. Checking for outliers is recommended as outliers may greatly affect modeling
results and, subsequently, the classification and prediction precision of fitted
models.

The Replacement node enables you to impute (fill in) values for observations that
have missing values. You can replace missing values for interval variables with
the mean, median, midrange, or mid-minimum spacing, or with a
distribution-based replacement. Alternatively, you can use a replacement
M-estimator such as Tukey’s biweight, Hubers, or Andrew’s Wave. You can also
estimate the replacement values for each interval input by using a tree-based
imputation method. Missing values for class variables can be replaced with the
most frequently occurring value, distribution based replacement, tree-based
imputation, or a constant.

The Clustering node enables you to segment your data; that is, it enables you to
identify data observations that are similar in some way. Observations that are
similar tend to be in the same cluster, and observations that are different tend to
be in different clusters. The cluster identifier for each observation can be passed to
other nodes for use as an input, ID, or target variable. It can also be passed as a
group variable that enables you to automatically construct separate models for
each group.

The SOM /Kohonen node generates self organizing maps, Kohonen networks, and
vector quantization networks. Essentially the node performs unsupervised
learning in which it attempts to learn the structure of the data. As with the
Clustering node, after the network maps have been created, the characteristics can
be examined graphically using the results browser. The node provides the analysis
results in the form of an interactive map illustrating the characteristics of the
clusters. Furthermore, it provides a report indicating the importance of each
variable.

Modeling Nodes

O

The Regression node enables you to fit both linear and logistic regression models to
your data. You can use continuous, ordinal, and binary target variables. You can
use both continuous and discrete variables as inputs. The node supports the
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stepwise, forward, and backward selection methods. A point-and-click interaction
builder enables you to create higher-order modeling terms.

The Tree node enables you to fit decision tree models to your data. The
implementation includes features found in a variety of popular decision tree
algorithms (for example, CHAID, CART, and C4.5). The node supports both
automatic and interactive training. When you run the 7Tree node in automatic
mode, it automatically ranks the input variables based on the strength of their
contribution to the tree. This ranking may be used to select variables for use in
subsequent modeling. You may override any automatic step with the option to
define a splitting rule and delete explicit nodes or subtrees. Interactive training
enables you to explore and evaluate a large set of trees as you develop them.

The Neural Network node enables you to construct, train, and validate multilayer
feedforward neural networks. By default, the Neural Network node automatically
constructs a multilayer feedforward network that has one hidden layer consisting
of three neurons. In general, each input is fully connected to the first hidden layer,
each hidden layer is fully connected to the next hidden layer, and the last hidden
layer is fully connected to the output. The Neural Network node supports many
variations of this general form.

The Princomp/Dmneural node enables you to fit an additive nonlinear model that
uses the bucketed principal components as inputs to predict a binary or an
interval target variable. The node also performs a principal components analysis
and passes the scored principal components to the successor nodes.

The User Defined Model node enables you to generate assessment statistics using
predicted values from a model that you built with the SAS Code node (for
example, a logistic model using the SAS/STAT LOGISTIC procedure) or the
Variable Selection node. The predicted values can also be saved to a SAS data set
and then imported into the process flow with the Input Data Source node.

The Ensemble node creates a new model by averaging the posterior probabilities
(for class targets) or the predicted values (for interval targets) from multiple
models. The new model is then used to score new data. One common ensemble
approach is to resample the training data and fit a separate model for each
sample. The component models are then integrated by the Ensemble node to form
a potentially stronger solution.

The Forecasting node enables you to forecast future values of the data based on its
past behavior. In order to perform forecasting, you must have time series data,
which is a set of variables collected over time periods, such as hours, days, weeks,
or months. Internet, inventory, sales, and similar data are typical examples of
time series data suitable for forecasting. You use the Forecasting node to fit time
series data to an appropriate forecasting model. Once you select and fit a
forecasting model, you generate forecast values for your variables of interest.

Note: These modeling nodes utilize a directory table facility, called the Model
Manager, in which you can store and assess models on demand. The modeling nodes
also enable you to modify the target profile(s) for a target variable. A

Assessing Nodes

0 The Assessment node provides a common framework for comparing models and

predictions from any of the modeling nodes (Regression, Tree, Neural Network, and
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User Defined Model nodes). The comparison is based on the expected and actual
profits or losses that would result from implementing the model. The node
produces the following charts that help to describe the usefulness of the model:
lift, profit, return on investment, receiver operating curves, diagnostic charts, and
threshold-based charts.

The Score node enables you to generate and manage predicted values from a
trained model. Scoring formulas are created for both assessment and prediction.
Enterprise Miner generates and manages scoring formulas in the form of SAS
DATA step code, which can be used in most SAS environments with or without
Enterprise Miner.

The Reporter node assembles the results from a process flow analysis into an
HTML report that can be viewed with your favorite web browser. Each report
contains header information, an image of the process flow diagram, and a separate
subreport for each node in the flow. Reports are managed in the Reports tab of the
Project Navigator.

Utility Nodes

The Group Processing node enables you to perform group by-processing for class
variables such as GENDER. You can also use this node to analyze multiple
targets, and you can process the same data source repeatedly by setting the group
processing mode to index.

The Data Mining Database node enables you to create a data mining database
(DMDB) for batch processing. For nonbatch processing, DMDBs are automatically
created as they are needed.

The SAS Code node enables you to incorporate new or existing SAS code into
process flow diagrams. The ability to write SAS code enables you to include
additional SAS procedures into your data mining analysis. You can also use a SAS
DATA step to create customized scoring code, to conditionally process data, and to
concatenate or to merge existing data sets. The node provides a macro facility to
dynamically reference data sets used for training, validation, testing, or scoring
and variables, such as input, target, and predict variables. After you run the SAS
Code node, the results and the data sets can then be exported for use by
subsequent nodes in the diagram.

The C Score node produces a plain text output file based on Enterprise Miner input
from a process flow analysis. The output file can be specified by the SAS filename
CSCORE. If no output file is specified or the output file can not be opened, output
is sent to the SAS log. The C code generated by C Score represents the SAS data
step code input. C Score should support all valid targets for SOM/Kohonen,
Variable Selection, Neural Network, Regression, Sampling, Tree, and Clustering.

The Control Point node enables you to establish a control point to reduce the
number of connections that are made in process flow diagrams. For example,
suppose three Input Data Source nodes are to be connected to three modeling
nodes. If no Control Point node is used, then nine connections are required to
connect all of the Input Data Source nodes to all of the modeling nodes. However,
if a Control Point node is used, only six connections are required.

The Subdiagram node enables you to group a portion of a process flow diagram

into a subdiagram. For complex process flow diagrams, you may want to create
subdiagrams to better design and control the process flow.
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Subdiagrams

Some process flow diagrams may be quite complex. To assist in controlling the
process flow, you can create subdiagrams and collapse a set of nodes and connections
into a single node icon. Subdiagrams can be opened to display the complete structure of
the process flow diagram.

Note: You cannot uncondense the nodes in a subdiagram. A

There are two major approaches to creating subdiagrams:

0 You know in advance that you will use a subdiagram. First, you add a
Subdiagram node, and then add nodes within the subdiagram. See “Subdiagram
Example 1”7 on page 54.

o0 You may realize later that if a particular set of nodes were condensed into a

subdiagram, then the process flow would be much easier to control. See
“Subdiagram Example 2” on page 56.

Subdiagram Example 1

Suppose you want a process flow diagram to contain a subdiagram for the following
nodes: Sampling, Data Partition, Filter Outliers, and Transform Variables.
To create a subdiagram for these nodes, follow these steps:

1 Add and define any predecessor nodes from the Tools Palette that you do not want
as part of the subdiagram to the Diagram Workspace.

2 Add a Subdiagram node to the process flow diagram.

e

Input Data Subdiagram
Source

3 Connect the predecessor node to the Subdiagram node and then open the
Subdiagram node by double-clicking on the node icon. Alternatively, you can
right-click on the node icon and select the open menu item.

Within the Subdiagram node are Enter and Exit nodes, which by default are

connected.
a8
Enter Exit

4 Cut the connection between the Enter and Exit nodes by right-clicking on the
connection arrow and selecting the Delete pop-up menu item.
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Note: The Enter and Exit nodes are connected to allow for independent
subdiagrams. A

5 Move the Enter and Exit nodes to the appropriate locations in the process flow
diagram, and then add and connect the desired nodes.

ot

Transform Exit
Variables

k4

Data
Partition

Sampling Filter
Outliers

6 Condense the subdiagram, by using the view pull-down menu (or the pop-up
menu) to select the Up One Level menu item.

[T
Input Data Subdiagram o

Source

keyhole

Note: When a subdiagram has been defined, a key hole appears beside the

Subdiagram node. To open the subdiagram, you can select the key hole or you can

double-click on the node icon. A

7 Position the Subdiagram node in the appropriate location within the process flow

diagram, and then connect the Subdiagram node to the appropriate nodes.

u / \ n\’
> Heural ﬂ;$
Hetwork o
O
Input Data Subdiagram = / fizsessment

Source

Regression

This example process flow diagram has an Input Data Source node that is
connected to the Subdiagram node, which in turn connects to a Neural Network

node and a Regression node. The resulting models are compared and assessed in
an Assessment node.

Note: You can clone“Cloning a Node” on page 45 the example Subdiagram
node if you need to use it often in the project. A

55
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Subdiagram Example 2

In this example, you are developing a process flow diagram:

Ca

o.,
Neural n;$
Me twork =

Filter
Outliers

Input Data
Source

Transform fizzessment

Variables héi

Data Regression
Partition

You realize that you could create a subdiagram to contain the following nodes:
Sampling, Data Partition, Filter Outliers, and Transform Variables. By condensing
these nodes into a subdiagram, you can more easily view other portions of the complete
process flow diagram. To create a subdiagram for these nodes, follow these steps:

1 Select the first node to be included in the subdiagram. A box appears around the
selected node (for this example, the Sampling node).

Filter

Outliers

Input Data
Source

Transform
Variables

Daﬁq Regres=sion
Partition

2 Place the mouse pointer on the arrow that connects the node selected in step 1 and
the second node to be included in the subdiagram, then CTRL-click or SHIFT-click
on the arrow. The selected arrow changes from an arrow to a line segment.

3 CTRL-click or SHIFT-click on the second node that you want to include in the
subdiagram.

4 Repeat steps 2 and 3 until all nodes and arrows that you want to place in the
subdiagram are selected. Note that for large process flow diagrams containing
many nodes only the nodes and arrows that are selected are used to create the
subdiagram.

Note: As an alternative to steps 1-4, you can “rubber band” the nodes and arrows
to be selected. That is, place the mouse pointer in the process flow diagram near
the nodes to be included in the subdiagram (where “near” is on one side of the set
of node icons and either above or below the node icons), click and hold the left
mouse button, and stretch the “rubber band” around the appropriate node icons. A

- A X ] o
Samplingy o~ Filter o |SF /’/’//,/:eural n§$
E Outliers =} “Hhxxxﬂh:ftwurk L=
fissessment
Transform LZi

Variables

Input Data
Source

Regression
Partition 9

5 Use the main menu to choose
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‘ Edit ‘ > ‘ Create subdiagram

A dialog box appears that asks you to verify that the currently selected nodes and
arrows are to be condensed into a subdiagram.

[ Message _ O] %]

Condenze currently zelected nodes into
@ Subdiagram ¥

Cancel |

If you click the button, then the subdiagram is not created. If you click
the button, then the subdiagram is created, and a subdiagram node icon
replaces the selected nodes and arrows.

Pl e, n\.
o Neural o3 §
o Network o
Input Data Subdiagram Azszessment

Source Léi

Regress ion

6 To open the Subdiagram node, double-click on the node icon or select the key hole.

Sampling Filter
Outliers

Transform
Variables

Data
Partition

7 Add endpoints (a pair of nodes consisting of an Enter node and an Exit node) to
the subdiagram to indicate where information enters the subdiagram and where it
exits the subdiagram. (To add endpoints, right-click on an open area of the
Diagram Workspace and select the Add endpoints pop-up menu item.) By default,
the Enter node is connected to the Exit node. Cut the connection between the Enter
and Exit nodes, and then position the Enter node to the left of the subdiagram (so
that it precedes the subdiagram) and the Exit node to the right of the subdiagram
(so that it follows the subdiagram). Connect the Enter node to the subdiagram (the
connection arrow should point to the subdiagram), and connect the subdiagram to
the Exit node (the connection arrow should point to the Exit node).
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Filter
Outliers

Exit

Data Transform
Partition Variables

8 Condense the subdiagram by using the View pull-down menu (or the pop-up menu)
to select the Up One Level menu item.

9 Connect the Subdiagram node to the appropriate nodes. In this example, an Input
Data Source node passes information to the Subdiagram node, which passes
information to the Regression and Neural Network nodes, which in turn pass
information to the Assessment node.

o-,
o+ %
n}'

Input Data Subdiagram
Source

Asses=ment

Regression

You cannot uncondense the nodes in a subdiagram. There is no restriction on how
many Subdiagram nodes you can nest in the process flow diagram.

Usage Rules for Nodes

Following are some general rules that govern the placement of nodes in a process
flow diagram:

0 The Input Data Source node cannot be preceded by any other nodes.

0 All nodes except the Input Data Source and SAS Code nodes must be preceded by
a node that exports a data set.

0 The SAS Code node can be defined in any stage of the process flow diagram. It
does not require an input data set that is defined in the Input Data Source node. If
you create a SAS data set with code you write in the SAS Code node (for example,
a data set that contains target and predict variables), you can use a successor Data
Set Attributes node to assign model roles to the variables in the SAS data set.

0 The Assessment node must be preceded by one or more modeling nodes.

0 The Score node must be preceded by a node that produces score code. For example,
the modeling nodes produce score code.

0 The Data Set Attributes can only have one node preceding it.
0 The Ensemble node must be preceded by a modeling node.

0 The Reporter node generates HTML reports for all of the predecessor nodes. It
does not generate reports for the successor nodes. When you run the flow from the
Reporter node, Enterprise Miner makes a first pass through the flow to analyze
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the data. After the analysis is complete, Enterprise Miner makes a second pass to
generate the HTML reports. The node icons are colored green during the analysis
pass and yellow during the reporting pass.

0 You can have one Group Processing node per process flow. Group processing occurs
when you run the process flow path. The Group Processing node can be connected
to any successor node, but the only nodes that accumulate results from each pass
are the modeling nodes and the Score node.



60 Usage Rules for Nodes A Chapter 4



61

CHAPTER

Common Features among Nodes

Functionality 61

Data Tab 62

Variables Tab 63

Notes Tab 64

Results browser 64

Viewing and Setting Node Defaults 65

Functionality

The following list of functionalities are common to all or most nodes.

o If you make changes to a node and then close it, a message window displays the
following message: “Do you want to Save the Changes to node name”. If you select
the button, then the current settings of the tool are saved, and the tool is
closed. If you select the button, then the current settings are not saved, and
the tool is closed. If you select the button, then the message window is
canceled, and the node is not closed. The message window does not appear if you
did not make any changes to the node settings.

SAS ]|

Do pou want to Save Changes to lnput Data
Source?

M | Cancel |

0 When a node is run, information flows through the process flow diagram. A green
box appears around each node as it processes the incoming information. If a node
cannot process the information, then a red box appears around it, and you should
check the Message Panel, the Message window, or the Log window and adjust the
settings as necessary.

0 When the analysis for the selected node has run, a message window prompts you
to view the results. Select the button to close the message window and open
the results in the Results browser. Select the button to close the message
window and return to the Diagram Workspace.
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Data Tab

A Data tab is contained in most nodes, and it displays the names for the available
predecessor data sets, which can include some or all of the training, validation, test,
and score data sets. You can select a predecessor data set from this list.

¥# pata Partition

Dutput ] Hotes ]
Data Variables ] Partition Hreatification Plamer B ined ]

Data set: EMDATA .V IEHW_0OYV Baiget, .. | Properties. ..

Description: All: German Credi

To select another data set that is exported from a node that precedes the current
node, click the button. An explorer interface opens that enables you to find and
select another data set. The button is grayed out if only one data set exporting
node precedes the current node.

Note: Many nodes contain training, test, validation, and score radio buttons on the
tab that enable you to assign a specific data set to each of these data set roles. A

To view administrative information about the data set, click the button.
The administrative information is the data set name, label, type, date created, date last
modified, number of columns, number of rows, and number of deleted rows.

# Data set details
Information ] Table View l

Name : EMDATA . SMPMLASO
Label :
Type: VIEH
Date created: 03MARZ2000:14:03:38
Last modified: 03MARZ2000:14:03:38
Columns: 21
Rows : 1000 Deleted rows:

To see a table view of the data, select the Table View tab.
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Variables Tab

A Variables tab is contained in most nodes, and it displays the following attributes
about the variables:

0 The names of the variables in the input data set. The values in the Name column
are protected.

0 The status of the variables, which can be use or don’t use. You can change the
status of a variable in one of the sampling or modeling nodes. For most explore
nodes, you cannot change the variable’s status. To change the status of a variable,
follow these steps:

1 Right-click on the appropriate cell of the status column.

2 Select the set status pop-up menu item.

3 Select the appropriate status (either don’t use or use).

Note: The Variables tab of the Input Data Source node does not contain a
Status column. To assign the rejected model role to a variable, right-click on the
appropriate cell of the Model Role column to open a pop-up menu. Select the set
Model Role menu item and then select the rejected menu item. You use this

same protocol to assign the rejected role to variables in the Manual Selection tab
of the Variable Selection node. A

Here is an example display of the Variables tab of the Input Data Source node:

¥# pata Partition
Dutput ] Hotes ]
Data Variables ] Partition ] Hreatification ] Plamer B ined ]
Name | Model Role | Measurement | Tyvpe | Format | Label =
CHECK |NG input ordinal num BEST12.
DURAT | ON input interval num BEST12.
HISTORY input ordinal num BEST12.
PURPOSE input nominal char  $8.
AMOUNT input interval num BEST12.
SAV INGS input ordinal num BEST12.
EMPLOYED input ordinal num BEST12. -
Il _>I_I

In this node, the Variables tab contains the following columns:
O Name — the variable name.

O Model Role — the variable model role. Examples of model roles include cost, freq,
ID, input, predict, rejected, sequence, target, and trial (see the for definitions of
these roles). The role of a variable is automatically assigned in the Input Data
Source node based on the information in the metadata sample. You can change the
role that is automatically assigned to a variable.

O Measurement — the measurement type of the variable. Examples of measurement
type include binary, interval, ordinal, and nominal. The measurement type of
variables is automatically assigned in the Input Data Source node based on the
information in the metadata sample.

O Type — either character (char) or numeric (num). The variable type is displayed
in the Input Data Source node, but it cannot be changed (the values in this column
are protected).
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O Format — the format of the variable. Examples of formats include $18. (18
characters) and BEST12. (12-digit numeric). The variable formats are assigned in
the Input Data Source node.

O Variable Label — the descriptive variable label, which is assigned in the Input
Data Source node. To change the label for a variable, type a new value in the
appropriate cell of the Variable Label column.

You can sort by clicking on the column header buttons. Successive clicks on the
header toggle the sort between ascending and descending order.

Subsetting (displaying a subset of the variables) can be performed for the variable
attributes of status, model role, measurement, and type:

1 Right-click in any row of the attribute you want to subset. A pop-up menu appears.

2 Select the item Subset by <attribute> and a selection list box appears

containing the set of attribute values that are available for subsetting.
3 Select the appropriate attribute values for subsetting.

4 To accept the selections and display the subsetting, click [OK]. To cancel the
subsetting dialog box, click [Cancel].

To find a value within a column, follow these steps:

1 Right-click on the column heading or a cell within the column and select the Find
<colname> pop-up menu item. The Find <colname> window opens, which is
modeled after the Find dialog in Internet Explorer.

2 Type the text in the Find <attribute> field.

3 Specify the search direction (up or down) and whether you want the text to match
the whole field.

4 Click [OK].
If Enterprise Miner finds the text in the column you are searching for, and in the
direction you specified, it will then move the row containing the text to the top of the

table. If it does not, it displays “No match detected” at the bottom of the screen and
issues a beep signal.

Notes Tah

The Notes tab enables you to type and store notes about the project, the analysis, the
results, and so on. When you run a process flow that contains a Reporter node, the
notes are assembled into the resulting HTML report.

Results hrowser

The Results browser enables you to view the results of running a node that generates
results. To open the Results browser, follow these steps:

o If the node is closed,
1 right—click on the node icon and select the Results pop-up menu item.
2 from the main menu, choose

‘ Actions ‘ > ‘ Results ‘

o If the node is open,
1 select the Results browser tool icon on the Toolbox.
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2 from the main menu, choose

‘ Tools ‘ > ‘ Results browser

Note: After you run particular nodes, such as the Tree or the Data Partition node, a
message window displays that asks you if you want to view the results. Click to
open the Results browser. A

Viewing and Setting Node Defaults

To view the properties for any node, right-click on the node icon in the Tools Palette
of the Project Navigator, or click the Tools Bar at the top of the SAS Enterprise Miner
window, and select the Properties pop-up menu item. The Properties <Node Name>
window opens, which summarizes the node properties.

Properties - Regression [_ O] x|
General ]

|£ﬁ Regression
Tvpe: Tool Group: MODEL

Verzion: 4

Location:
SASHELFP . DMBEG . DMBEG .CLASS

Flammard Edit defaults. .. 1] 4

Note: The button is dimmed if the node is set to the original defaults. A

You can customize the default settings for the following nodes:
Data Partition
Sampling
Multiplot

Insight
Association
Variable Selection
Replacement
Clustering

SOM /Kohonen
Time Series
Regression

Tree

OO o0oo0ooooooood
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Neural Network
Princomp / Dmneural
Assessment

Score

O 0O o o o

Group Processing

To customize the default node settings, select the [Edit defaults| button in the
Properties window and make the desired selections in the tabs of the Defaults window:

Defaults - Regression | _[3] x|
fAdvanced ] Output ] Hotes ]
S ] Hape fabiag Model Options l Selection Method ] inninializaiion ]
Type: " Linear & Logistic
Link Function: [LOGIT ¥
Input Coding: ' Deviation ¢ GLHM

[" Suppress Intercept

Toramt Definition Regre=zion

After you have set the node defaults, close the Defaults window to return to the
Properties window.
To reset the node to the original defaults, click the button.
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Types of Data Structures

Data structures for data-mining data sets and data marts include the following:

O regression data (see“Regression Data” on page 68), which has the following
characteristics:

O one observation per customer.

O a binary target (dependent) variable, a continuous (interval) target variable,
or both. Often only one target variable is modeled per run, but you can use a
Group Processing node to model multiple targets. An example of a binary
target variable is purchase or no-purchase, which is useful for modeling
customer profiles. An example of a continuous (interval) target variable is
value of purchase, which is useful for modeling the best customers for
particular products, catalogs, or sales campaigns.

O many or few input variables, which can contain ID (identification) variables,
demographic data, history or previous purchases, and so forth.

O cross-sectional data, which is data collected across multiple customers,
products, geographic regions, and so on, but typically not across multiple
time periods.

O associations discovery data (see “Association Discovery Data” on page 70), also
called basket analysis data, which is a common data structure of online
transaction processing systems (OLTPs). Such data structures have the following
characteristics:

0 multiple observations per customer. The data set must contain a separate
observation for each transaction.

O a target (dependent) variable — often a class variable that has a level for each
product.

0 one or more ID variables to identify the customers.

O a sequence variable if you are performing a sequence discovery. The sequence
variable identifies the ordering of the purchases.

O time-series data analysis, which is more fully supported in SAS/ETS (econometric
and time series) software. Analyses using SAS/ETS procedures can be submitted
in the SAS Code node.
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O

time-series cross-sectional (panel) data analysis, which is more fully supported in
the SAS/ETS and SAS/STAT products. Analyses using SAS/ETS and SAS/STAT
procedures can be submitted in the SAS Code node.

Regression Data

An example of the regression data is shown in the following display:

Ll 13 |Int| |Ncnm| |Ncnm| |Int| |Int| |Int| |Int|A
100 CUST_NUM | LASTNAME | F IRSTHAM | PUR_YN | PUR_AMT | CAP | T_SHIRT
u 1 1 Money Earnest 0 0.00 0 0
L Z £  Drest Natalie 1 B87.50 3 1 |
u 3 3 Conquest  Norman 1 47.25 g 1
L 4 4 Turner Page 0 0.00 0 0
u 5 5  Dodger ArtTul 1 £5.00 0 1
L 5] B Suppe Campbel | 1 17.50 1 0
u T 7 Bone Hamm 0 0.00 0 0
u 8 8 sSniffle Arnold 1 11.50 1 0
u 9 9 Gunn Thomas 1 95.50 g 1
L 10 10 Plate Homer 1 37.E58 1 0
u 11 11 L’ Pew Peppy 0 0.00 0 0
= 12 1€  Lapan Louie 1 35.00 0 0
u 13 13 : Dover Eileen 1 145 .75 2 2
= 14 14:salt Morton 1 39.00 1 0
u 15 15 Earwiker | Humphrey 0 0.00 0 0
= 16 16 : Roe Richard 1 £21.00 0 1+
‘ 1L

Note: Some of the variables in the example data set are hidden in this
SAS/INSIGHT display. o

Following are all of the variables in the example data set:

O

O o o

O o o o

CUST_NUM, customer number, an ID (identification) variable.
LASTNAME, the customer’s last name.
FIRSTNAM, the customer’s first name.

PUR_YN, a binary variable where “0” indicates no purchase and “1” indicates
purchase.

PUR_AMT, a continuous variable that contains the amount of purchase.
CAP, a continuous variable that contains the number of baseball caps purchased.
T_SHIRT, a continuous variable that contains the number of t-shirts purchased.

SW_SHIRT, a continuous variable that contains the number of sweatshirts
purchased.

MARRIED, a binary variable where “0” indicates the customer is not currently
married and “1” indicates that the customer is married.

CHILDREN, a binary variable where “0” indicates the customer has no children
and “1” indicates that the customer has children.

SALARY, a continuous variable that contains the customer’s annual salary in
thousands.

OWN_RENT, a binary variable where “0” indicates the customer rents a home and
“1” indicates that the customer owns a home.

PREV_PUR, a binary variable where “0” indicates the customer has not made
previous purchases and “1” indicates that the customer has made previous
purchases.
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For a regression model using PUR_AMT as the target variable and MARRIED,
CHILDREN, SALARY, OWN_RENT, and PREV_PUR as input variables, the Variables
tab of the Input Data Source node would appear as follows:

i Input Data Source [_ (O] x|
Data Variables ] Interval Variables ] Class Variables ] Notes ]
Name | Model Role | Measurement | Type | Format | Variable Label
CUST_NUM rejected interval num BESTIZ. Customer ID Number
LASTNAME rejected nominal char =B,
FIRSTNAM rejected naminal char SB.
PUR_YN rejected binary num BESTIE. Purchase 0=No I1=Yes
PUR_AMT target interval num BESTIZ. Purchase Amount
CAP rejected ordinal num BESTIZ2. Baseball Caps
T_SHIRT rejected ordinal num BESTIEZ. Logo T Shirts
SW_SHIRT rejected ordinal num BESTIEZ. Logo Sueatshirts
MARR I ED input binary num BESTIZ. Currently Married 0=No 1=
CHILDREN input binary rium BESTIZ2. Children 0=No 1=VYes
SALARY input interval num BESTIZ. Salary in 000s
OWHN_RENT input binary num BESTIZ. Own House or Rent, 0=Rent
PREU_PUR input binary Pl BESTIZ2. Purchase in Previous Year
B Input Data Source M [=] E3
Data Variables ] Interval Variables | class variables | Motes |
Name [ Model Role [ Measurement | Type | Format | Variable Label =
CUST_NUM rejected interval hum BEST12. Customer |D Number
LASTNAME rejected nominal char =8.
FIRSTNAM rejected nominal char S8B.
PUR_YN rejected binary num BEST12. Purchase 0=No 1=VYes
PUR_AMT target interval hum BEST12. Purchaze Amount
CAP rejected ordinal num BEST12. Baseball Caps
T_SHIRT rejected ordinal hum BEST12. Logo T Shirts
SW_SHIRT rejected ordinal num BEST12. Logo Sweatshirts
MARR IED input binary hum BEST12. Currently Married 0=No 1=
CHILDREN input binary num BEST12. Children 0=No 1=Yes
SALARY input interval hum BEST12. Salary in 0003
OWN_RENT input binary num BEST12. Own House or Rent, 0=Rent
PREV_PUR input binary hum BEST12. Purchase in Previous Year
J s of
I
L)

Note that the binary variable PUR_YN has been excluded from the analysis along
with six other variables.
The process flow diagram might be as follows:

g

-,
hg;$

Data Regression Assessment
Partition

After you run the process flow diagram, you can view the regression results by
right-clicking on the Regression node icon and selecting the Results pop-up menu item.
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B[= E3

Estimates ] Statistics ] Output ] Log ] Code ] Model ] Notes ]

-5.45

rEffect T-scores——

Absolute Value Effect T-ecoras

8 T
4
2 L -
’ i _I_._._
I - ] - | — I — | — |
Childran Cwin Hous Intercep
Salary i Currentl Purchase
£.81
Effect Label

You can also open the Assessment node to create assessment charts that indicate the

usefulness of the model.

Association Discovery Data

An example of association discovery data is shown in the following display:

B OUTPUT - (Untitled) _ [O] x|

| Data for Association Discovery

CUST_NUM

LASTNAME

Arya
Arya
Arya
Aska
Balavya
Eeach
Eeach
Eeach
Bel lum
Bel lum
Eloom
Eloom
Eloom
Eloom
Boat
Eone
Eone
Eone
Eone
Eone
Eone
Boot
Boot
Briecant
Briecant

FIRSTNAM

How
How
How
Al
Jim
Sandy
Sandy
Sandy
Sara
Sara
Leopold
Leopold
Molly
Mol ly
Johh
Hamm
Hamm
Hamm
Hamm
T.

T.
Jack
Jack
Lou
Lou

15:51 |

PRODUCT

cap
t=shirt
t=shirt
sweatshr
t=shirt
t=shirt
sweatshr
cap

cap
t=shirt
cap
sweatshr
cap
sweatshr
t=shirt
sweatshr
cap

cap
t=shirt
cap
t=shirt
cap
t=shirt
cap

cap i
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This output contains the following variables:

o CUST_NUM, customer number, an ID (identification) variable.

o LASTNAME, the customer’s last name.

o FIRSTNAM, the customer’s first name.

o PRODUCT, a nominal (class) variable that contains the product purchased.

For an association discovery analysis (basket analysis) using PRODUCT as the
target variable and CUST_NUM as the ID (identification) variable, the Variables tab of
the Input Data Source node would appear as follows:

;ﬁ-lnpul Data Source [_ (O] x|
Data Variables ] Interval Variables ] Class Variables ] Notes ]
| Mame [ Model Role | Measurement | Type | Format | UVarisble Label |-

CUST_HNUM id nominal char 8. Customer |d Humber
LASTMAME rejected binary char 8.
FIRSTNAM rejected binary char =8.
PRODUCT target nominal char 8.
i =

Note: The values in the Name and Type column are grayed out because they are
protected fields. A

The process flow diagram appears as follows:

"
Input Data Association
Source [Context]

The Association node also enables you to perform sequence discovery. Sequence
discovery goes one step further than association discovery by taking into account the
ordering of the relationship among items. For example, “Of those customers who
purchase a new computer, 25% of them will purchase a laser printer in the next
quarter.” To perform sequence discovery, you must also assign a sequence model role to
a time stamp variable. For information about sequence discovery, see the online
documentation for the Association node.
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Process Flow Scenario

The following credit scoring flow is designed to get you started building Enterprise
Miner process flow diagrams. Several key features of Enterprise Miner are
demonstrated:

O specifying the input data set
O defining a target profile for the target

O

creating partitioned data sets
transforming variables

O

O

supervised modeling, which includes a logistic regression model, a tree model, and
a neural network model.

O assessing the models
O scoring new data.

For more detailed information about the nodes used in this example, read the
Enterprise Miner Nodes online documentation or attend one of the data mining courses
offered by the Education Division of SAS Institute.

In the following scenario, you want to build models that predict the credit status of
credit applicants. The champion model (score card) will be used to determine whether
or not to extend credit to new applicants. The aim is to anticipate and reduce
charge-offs and defaults, which management has deemed are too high.
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The input data set that is used to train the models is named SAMPSIO.DMAGECR
(the German Credit benchmark data set). This data set is stored in the SAS Sample
Library. It consists of 1,000 past applicants and their resulting credit rating (“GOOD”
or “BAD”). The binary target (dependent, response variable) is named GOOD_BAD. The
other 20 variables in the data set will serve as model inputs (independent, explanatory

variables).

VARIABLE ROLE LEVEL DESCRIPTION

CHECKING input ordinal Checking account status

DURATION input interval Duration in months

HISTORY input ordinal Credit history

PURPOSE input nominal Purpose

AMOUNT input interval Credit amount

SAVINGS input ordinal Savings account/bonds

EMPLOYED input ordinal Present employment since

INSTALLP input interval Installment rate as % of disposable
income

MARITAL input nominal Personal status and sex

COAPP input nominal Other debtors/guarantors

RESIDENT input interval Present residence since

PROPERTY input nominal Property

AGE input interval Age in years

OTHER input nominal Other installment plans

HOUSING input nominal Housing

EXISTCR input interval Number of existing credits at this
bank

JOB input ordinal Job title

DEPENDS input interval Number of dependents

TELEPHON input binary Telephone

FOREIGN input binary Foreign worker

GOOD_BAD target binary Good or bad credit rating

Note: For more information about the variable values, see the Variable Layout for
“SAMPSIO.DMAGECR (German Credit Data Set)” on page 117. A

Sixty percent of the data in the SAMPSIO.DMAGECR data set will be employed to
train the models (the training data). The remainder of the data will be used to adjust
the models for overfitting with regards to the training data and to compare the models
(the validation data). The models will be judged primarily on their assessed
profitability and accuracy and secondarily on their interpretability.

Each of the modeling nodes can make a decision for each case in the data to be
scored, based on numerical consequences specified via a decision matrix and cost
variables or constant costs. In Enterprise Miner, a decision matrix is defined as part of
the target profile for the target. For this example flow, you want to define a loss matrix
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that adjusts the models for the expected losses for each decision (accept or reject an
applicant). Michie, Spiegelhalter, and Taylor propose the following loss matrix for the
SAMPSIO.DMAGECR data set:

Decisions:
Target Values Accept Reject
Good $0 $1
Bad $5 $0

Note: Michie, D., Spiegelhalter, D.J., and Taylor, C.C., eds. (1994), Machine
Learning, Neural and Statistical Classification, NY: Ellis Harwood. p. 153. A

The rows of the matrix represent the target values and the columns represent the
decisions. For the loss matrix, accepting a bad credit risk is five times worse than
rejecting a good credit risk. However, this loss matrix also says that you cannot make
any money no matter what you do, so the results may be difficult to interpret. In fact, if
you accept a good credit risk, you will make money, that is, you will have a negative
loss. And if you reject an applicant (good or bad), there will be no profit or loss aside
from the cost of processing the application, which will be ignored. Hence it would be
more realistic to subtract one from the first row of the matrix to give a more realistic
loss matrix:

Decisions:
Target Values Accept Reject
Good $-1 0
Bad $5 0

This loss matrix will yield the same decisions and the same model selections as the
first matrix, but the summary statistics for the second matrix will be easier to interpret.

For a categorical target, such as GOOD_BAD, each modeling node can estimate
posterior probabilities for each class, which are defined as conditional probabilities of
the classes given the input variables. By default, Enterprise Miner computes the
posterior probabilities under the assumption that the prior probabilities are
proportional to the frequencies of the classes in the training data set. For this example,
you need to specify the correct prior probabilities in the decision data set, because the
sample proportions of the classes in the training data set differ substantially from the
proportions in the operational data set to be scored. The training data set that you will
use for modeling contains 70% and 30% good and bad credit risk applicants,
respectively. The actual assumed proportion of good-to-bad credit risk applicants in the
score data set is 90% and 10%, respectively. By specifying the correct priors in the
target profile for GOOD_BAD, the posterior probabilities will be correctly adjusted no
matter what the proportions are in the training data set.

Once the most appropriate model for screening bad credit applicants is determined,
the scoring code will be deployed to a fictitious score data set named
SAMPSIO.DMAGESCR. It contains 75 new applicants. This data set is also stored in
the SAS Sample Library. Scoring new data that does not contain the target is the end
result of most data mining applications.
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Follow these steps to create this process flow diagram:

/!egressinr\_ /SHHF‘SIO.

e DMAGESCR
L
45 o’
- Score | e
SAMPS 0. Data Transform™. Neural seesENent "
DMAGECR  partition Variables - Network - [AppIY] \IMLL B
Distribution SAS Code

Tree Explorer

CAUTION:
Example results may differ. Enterprise Miner Version 4.0 was still under development
when this process flow diagram was constructed. Your process flow diagram results
may differ from the results shown in this example. However, the overall scope of the
analysis will be the same. A

1. Creating a New Local Project

1 To start Enterprise Miner, you must first have a session of SAS running. You open
Enterprise Miner from within SAS by typing miner in the command-line bar
(found in the upper left corner) in an open SAS session. Enterprise Miner should
start and load itself inside the main SAS window.

2 Use the File pull-down menu from the SAS / Enterprise Miner window to select

‘ New ‘ > ‘ Project ‘

The Create New Project window opens.

Create new project E

@ lNamE : —

[ Client/server project Cancel |

Location:

[C:%5A5V8\My SASFiles‘EM Projects Brouwse. .. |

3 Type the project name in the Name entry field.

4 A project location will be suggested. You can type a different location for storing
the project in the Location field, or use the button to search for a
location using a GUI interface.

5 After setting your project location, select [Create]. Enterprise Miner creates the
project which contains a default diagram labeled “Untitled.”



Example Process Flow Diagram /A 2. Defining the Input Data Set 77

7| SAS Enterprise Miner - Getling Started Sample Flow [Untitled]
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6 To rename the diagram, right-click on the diagram icon or label in the Diagrams
tab of the Project Navigator and select Rename. Type a new diagram name.

| SAS Entesprize Miner - Getling Started Sample Flow [My Sample Flow]
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2. Defining the Input Data Set

1 Drag and drop an Input Data Source node from the Tools Palette of the Project
Navigator or the toolbox to the Diagram Workspace.

2 To open the node, double-click on the node icon.
3 Type SAMPSIO.DMAGECR in the Source Data field of the Data tab and then

press the ENTER key. Alternatively, you can click the button to find and
set SAMPSIO.DMAGECR as the input data source.

H Input Data Source [_[O[ =]
Data ] Variables ] Interval Variables l Class Variables l Hotes l
Souwrce Data: |§3ﬁMPS 10.DHAGECRH Select. .. |
Output: EMDATA .V IEW_9M%

Description: |ﬁ|] : German Credit Data
Role: Rl ﬂ Metadata sample:

Rows : 1,000 Size: 1,000 Change. . I

Colunns: 21 Name : EMPROJ .SMP_V Y2
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The node automatically creates the metadata sample, which is used in several
Enterprise Miner nodes to determine metadata information about the analysis data set.
By default, the metadata sample consists of a random sample of 2,000 cases. Because
there are only 1,000 customer cases in this data set, the metadata sample contains all
the customer cases in the SAMPSIO.DMAGECR data set. Enterprise Miner assigns a
model role and measurement level to each variable that is listed in the Variables tab
based on the metadata sample. You can reassign the model role or measurement level
for a variable. The summary statistics for interval and class variables are also
calculated from the metadata sample.

You can control the size of the metadata sample by selecting the button in
the Data tab.

Note: The SAMPSIO.DMAGECR credit data set is small relative to many data
marts, which often contain gigabytes or even terabytes of data. Therefore, there is no
need to sample this data set with a Sampling node prior to creating the partitioned
data sets with the Data Partition node. A

3. Setting the Target Variable

You must assign the target role to the appropriate variables in the input data source.
If you have multiple targets, you can use a Group Processing node to generate separate
models for each target variable in one run of the process flow diagram. For this
example, there is one target variable named GOOD_BAD.

To assign the target model role to GOOD_BAD, follow these steps:

1 Select the Variables tab.

2 Scroll down (or page down) the Input Data Source window to display the variable
GOOD_BAD.

3 Right-click in the Model Role cell of the row that contains the GOOD_BAD
variable and select the Sset Model Role pop-up menu item. Another pop-up menu
opens.

4 Select target. Do not close the Input Data Source node.

ﬁ-lnput Data Source =1 3
Data Variables ] Interval Variables ] Class Variables ] Hotes ]
Name | Model RAole | Heasurement | Tvpe | Fn;l
EXI1STCR input ordinal num BE
FORE IGH input b inary num BE
Lo
HISTORY input input
HOUS ING input
INSTALLP input rejected num BE
JOB input id num BE
MAaR 1 TAL input cast num BE
OTHER input freq num BE
PROPERTY input . num BE
PURPOSE input tial char  $8
RES IDENT input predict nun B_El;|
1] | sequence »
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4. Defining a Target Profile for GOOD_BAD

A target profile contains information for the target, such as the event level for binary
targets, decision matrices, and prior probabilities. The active target profile information
is read downstream in the process flow by the modeling nodes and the Assessment node.
Although you can define and edit a target profile in any of the modeling nodes, it is
often convenient to define this information up front in the process flow when you set the
target variable in the Input Data Source node.

In this section, you will set the target event level, specify the loss matrix, and define
the prior vector for the target GOOD_BAD. Follow these steps to define the target
profile for GOOD_BAD:

1 Open the Target Profiler by right-clicking in any cell of the GOOD_BAD target
variable row of the Variables tab, and select Edit target profile. The Target
Profiles for the GOOD_BAD window opens.

¥ Target Profiles for GOOD_BAD | _ (O] x|
Profiles ] Target ] fAssessment Information ] Prior ] Notes ]
Use Profile Description Data Set =~
* Profile SAMPS10.D
. ;I_I

By default, the Target Profiles for the GOOD_BAD window contains a
predefined profile. The asterisk beside the profile name indicates that it is the
active target profile. You can create new target profiles, but for this example, you
will modify the existing profile.

2 Set the Target Event Level:

Select the Target tab. By default, the Input Data Source node sets the order
value to Descending for binary targets. Because the order is set to
descending by default, good is the target event level. You will model the
probability that a customer has good credit. The Assessment node is
dependent on the event level when calculating assessment statistics, such as
expected profit or loss. If you wanted to model the probability that a
customer has bad credit, you would need to set the event level to bad. You
can accomplish this by setting the order value for GOOD_BAD to Ascending
in the Class tab of the Input Data Source window.

3 Define the Loss Matrix for the Target GOOD_BAD:

a You use the Assessment Information tab to define decision matrices, and set the
assessment objective for each matrix to either maximize profit, maximize profit
with costs (revenue), or minimize loss. For binary targets, the Assessment
Information tab contains four predefined decision matrices. These matrices
cannot be redefined and are not suitable for this example — you want to define
the realistic loss matrix that was described in the overview of the process flow.
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E'EI_Target Profiles for GOOD_BAD
Profiles ] Target

¥Profit vector

Default loss

il

Edit Decisions. ..

=] B3
fAssessment Information l Prior ] Notes ]
Name;|PruFit vector
LEVEL | good =]
qgood 1
bad 0

b You can add a new loss matrix that you can modify by copying the befault
Loss matrix (right-click on the pefault Loss matrix and then select copy). A
new decision matrix named Profit matrix is added to the list box.
Alternatively, you can add a new decision matrix by right-clicking on an open
area of the list box, and selecting Add. This matrix will always also be a copy of

the pefault profit matrix.

¢ Only one matrix can have a status of Use. To set the status of the new matrix
to Use, select the Profit matrix entry, right-click on the entry, and select the
Set to use menu item. An asterisk appears besides the matrix name
indicating that it is now the active decision matrix that will be read
downstream in the process flow by the modeling and Assessment nodes.

¥ Target Profiles for GOOD_BAD =] B3

Profiles ] Target

¥Profit vector
Loss wvector
Default profit
Default loss

Prof it matrix ;

fAzssessment Information ] Prior ] Notes ]

Name;lPrufit matr ix

LEVEL | good bad -]

good 0 1

bad 1 0
SN R _>I'I

Edit Decisiuns...l

d To rename the matrix, delete the existing name in the Name field, type a new
name, and then press the ENTER key. In this example, the matrix has been

renamed Realistic Loss.
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¥ Target Profiles for GOOD_BAD | _ (O] x|
Profiles ] Target  fAssessment Information l Prior ] Notes ]

*Profit vector Mame : |Heal istic Loss|

Loss wvector

Default profit LEVEL | ogood | bad -]

Default loss

goosd e !
bad 1 0
Aa | Ll_l
Edit Decisions. .. I

Note: The values in the matrix are still the same as the predefined Default
Loss matrix that you copied. You use this matrix to obtain the correct
misclassification rate for the good and bad credit risk applicants. A

e By default, the decision column names are set to the target levels (good and
bad). To rename the decision column names to accept and reject, click
[Edit Decisions], and then type accept in place of the decision named good, and
type reject in place of the decision named bad.

II'EI_Editing Decisions and Utilities: Realistic Loss

Decisions and Utilities ]

" Maximize profit
MHaximize profit with costs
S HMinimize loss

Decision Cost Variable COST ;I
accept
reject

1 o

Note: You can also use the Decisions and Utilities tab to set the assessment
objective for the matrix to either Maximize profit, Maximize profit with
costs (revenue), or Minimize loss. Because you copied the predefined
Default loss matrix, the assessment objective is already correctly set to
Minimize loss. If you set the assessment objective to Maximize profit with
costs, you can assign a cost variable or a constant cost to each decision. To
assign a cost variable to a decision, the cost model role must have been assigned
to the appropriate variables in the Variables tab of the Input Data Source

node. A

Close the Editing Decisions and Utilities window and follow the prompts to save
your changes. Click to return to the Assessment Information tab.
g Type the following values in the loss matrix:
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EEI_Talget Profilez for GOODD_BAD H=] E
Profiles ] Target Assessment Information ] Prior ] Hotes ]
#Profit wvector Mame : |Flea] istic Loss
Loss wector
Default profit LEVEL | accept | reject ;I
Default loss _
good ‘
bad 5
A 0 | ;[_I
Edit Decisions... I

Each of the modeling nodes will use this loss matrix to calculate the expected
losses.

h To specify the true operational priors for the data that you intend to score,

I Target Profiles for GOOD_BAD =] B3

select the Prior tab.

Profiles ] Target ] fizzessment Information Prior ] Hote=s ]

Name: |[Proportional to data

Target Yalue | Prior Probability ;I
good 0.7
bad 0.3

i o

By default, there are three predefined prior vectors. The Equal probability
vector contains equal probabilities for the target levels. The Proportional to
data vector contains priors that are proportional to those in the input data set.
Note that the input data set contains 70% good risk applicants and 30% bad
risk applicants. The actual probabilities in the score data set are believed to be
90% and 10% for good and bad credit risk applicants, respectively. The active
None prior vector computes the posterior probabilities under the assumption
that the prior probabilities are proportional to the frequencies of the classes in
the training data set.

To add a new prior vector, right-click in an open area of the list box and select
the Add pop-up menu item. A new Prior vector is added that contains prior
values that are also proportional to those in the input data set.

To set the status of the vector to use, right-click on the Prior vector and
select the Set to Use pop-up menu item.

k Type the following values in the Prior Probability cells of the Prior vector:
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I Target Profiles for GOOD_BAD =] B3

Profiles ] Target ] fizzessment Information Prior ] Hote=s ]

Equal probability HName: |[Prior vector

Proportional to data

HNone Target Value | Prior Probability ;I

eGud 0.9
bad 0.1

i o

The prior probabilities will be used to adjust the relative contribution of each
class when computing the total and average loss.
I Close the window and follow the prompts to save your changes to the target
profile. You are returned to the Variables tab of the Input Data Source node. Do
not close the Input Data Source node.

5. Examining Summary Statistics for the Interval and Class Variables

It is advisable to examine the summary statistics for the interval and class variables
prior to modeling. Interval variables that are heavily skewed and that have large
kurtosis values may need to be filtered and/or transformed prior to modeling. It is also
important to identify the class and interval variables that have missing values. The
entire customer case is excluded from the regression or neural network analysis when a
variable attribute for a customer is missing. Although we tend to collect much
information about our customers, missing values are common in most data mining data
marts. If there are variables that have missing values, you may want to consider
imputing these variables with the Replacement node.

1 To view summary statistics for the interval variables, select the Interval Variables
tab. The variable AMOUNT has the largest skewness statistic. The skewness
statistic is 0 for a symmetric distribution. Note that there are no missing values
for the interval variables.

# Input Data Source Hi=] E3
Data ] Variables Interval Variables ] Class Variables ] Hotes ]
Hame | Std Dew. | Miszing X | Skewness | Kurt ﬂ
DURAT 10N 12.059 0% 1.0942 #%%&
AMOUNT 2822.7 0% 1.9496 *%%%
AGE 11.375 0% 1.0207 #%%&
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2 To view summary statistics for the class variables, select the Class Variables tab.
Note that also there are no missing values for the class variables.

3 Close the Input Data Source node and save all changes when prompted.

Note: You can view the distribution of any variable by right-clicking in a cell in the
variable row and selecting View Distribution of <variable name>. A

6. Creating Training and Validation Data Sets

In data mining, one strategy for assessing model generalization is to partition the
input data source. A portion of the data, called the training data, is used for model
fitting. The rest is held out for empirical validation. The hold-out sample itself is often
split into two parts: validation data and test data. The validation data is used to help
prevent a modeling node from overfitting the training data (model fine-tuning), and to
compare prediction models. The test data set is used for a final assessment of the
chosen model.

Because there are only 1,000 customer cases in the input data source, only training
and validation data sets will be created. The validation data set will be used to choose
the champion model for screening new credit applicants based on the model that
minimizes loss. Ideally, you would want to create a test data set to obtain a final,
unbiased estimate of the generalization error of each model.

To create the training and validation data sets, follow these steps:

1 Add a Data Partition node to the Diagram Workspace.

2 Connect the Input Data Source node to the Data Partition node. To connect the
nodes, hold the left mouse button down on the outer-right edge of the Input Data
Source node, drag your mouse pointer to the Data Partition node (a line appears),
and then release the mouse button.

3 Open the Data Partition node. When the node opens, the Partition tab is displayed.

4 Allocate 60% of the input data to the training data set and 40% of the input data
to the validation data set (type O in the Test entry field). To replicate the results
of this example flow, use the default seed of 12345, which is listed in the Random

Seed field.
## pata Partition
Output ] HNotes ]
Data ] Variables Partition Hrrabifiocabion Hlaee Bal ined ]
Method: -Percentages:
* Simple Random Train: 60 %
" Stratified
" User Def ined validation: 40 %
-Random Seed: Test: 0=
Generate Hew Seed I 12345 Total: 100 %

5 Create the partitioned data sets using a stratified sample by the target
GOOD_BAD. A stratified sample helps to preserve the initial ratio of good to bad
credit applicants in both the training and validation data sets. Stratification is
often important when one of the target event levels is rare.
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o 0 oo

Select the stratified method on the Partition tab.

Select the Stratification tab.

Scroll down to the bottom of the window to display the GOOD_BAD variable.
Right-click in the status cell of the GOOD_BAD variable row and select the

Set Status pop-up menu item. Another pop-up menu appears.
e Select the use pop-up menu item.

¥ pata Partition

Output l Hotes l

= B

Data ] Variables ] Partition Stratification l Haey Baf ined ]
Name | Status |Mudel Role Measurement| Type| Format | ;J

EMPLOYED don't use input ordinal num BEST12.

EXISTCH don't use input ordinal num BEST12.

FORE IGH don't use

GOOD_BAD use

HISTORY don't use

HOUSING don't use
INSTALLP don’t use
ANne Aon 't use
i

input

input
input
input

innnt

binary

ordinal
ordinal
ordinal

nrdinal

um

um
num
um

noam

BEST12.

BEST12.
BEST12.
BEST12.

RFCT12 _ILI
»

6 Close the Data Partition node. Select the button in the Message window to

save the node settings.

1. Creating Variable Transformations

Now that you have partitioned the data, you might want to explore the data with
exploratory nodes and perhaps modifying the data with modification nodes. For brevity,
you will use the Transform Variables node to create transformations of existing
variables. The data is often useful in its original form, but transformations may help to
maximize the information content that you can retrieve. Transformations are useful
when you want to improve the fit of a model to the data. For example, transformations
can be used to stabilize variance, remove nonlinearity, improve additivity, and correct

nonnormality.

1 Add a Transform Variables node to the Diagram Workspace.

2 Connect the Data Partition node to the Transform Variables node.

3 Open the Transform Variables node. The Variables tab is displayed.
4

View the distribution of AMOUNT:

a Right-click in any cell of the AMOUNT variable row and select the View
Distribution of AMOUNT pop-up menu item. A histogram of AMOUNT is

displayed in the Variable Histogram window.
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il ¥ariable Histogram M= E3
Percentage
an
20
10
0 Il I B SR P S
250 47935 9337 138805 18424
251,75 V0BG, 25 11608.75 1615225
oLk
Percentage
b D -
Note: Notice that the distribution for AMOUNT is skewed heavily to the right.

The extreme values may cause imprecision in the parameter estimates. A

b Close the window to return to the Variables tab of the Transform Variables

window.

5 Create a new input variable that maximizes the normality of AMOUNT:

a Right-click in any cell of the row that contains the variable AMOUNT and select
the Transform pop-up menu item. Another pop-up menu opens.

b Select the Maximize Normality power transformation to create the
transformation and return to the Variables tab of the Transform Variables
window. Maximize Normality chooses the transformation from a set of best
power transformations that yields sample quantiles that are closest to the

theoretical quantiles of a normal distribution.

& Transform Variables | _[3] x|
Data Variables l Output ] Hotes ]
Name | Keep | Role | Formula | Mean | S5td Dev;l
AGE Tes input 35546 Rk EEEkkE
AMOUNT No input 3271.258 kedkrkk
AMOU_ONV Tes input log({AMOUNT ) T.7B86912447  *¥dkrksk
DURAT 10N Tes input 20_903 kkrkkkk

-
4 L

A new variable has been created (for this example, AMOU_ONYV), which is the
log of AMOUNT. If you scroll to the right, the Formula column lists the formula
for the transformation. The skewness statistic has been reduced from 1.95 for
AMOUNT to 0.13 for the transformed variable AMOU_ONYV. The Keep status
column identifies variables that will be kept and passed to subsequent modeling
nodes (Yes) and those that will not be (No). The keep status for the original
input AMOUNT is automatically set to No when you apply a transformation.
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# Transform Yariables H=lE

Data Variables ] Output ] Hotes ]
Name | Std Dew | Skew | Kurtosis | C.V. ;I
AGE 11.375468574 1.0207392687 0.5957795671 HEkRRREAkk
AMOUNT 2822 . 736876 1.9496276798  4.292590308 KREKERKEKE
AMOU_DNV] 0.7764741081 0.1292858923 -0.337327663 H*kRERREKE
DURAT ION 12.058814453 1.0941841716 0.9197813601 Hekkexkkkk

A _>[_I

¢ View the distribution for the log of AMOUNT (for this example, AMOU_ONYV).

il Wanable Hizstogram [_ O] =]
Percentage
20
154
104
5
0- - o+ - s e -
5521460917 £.5364480405 7.E714351797 8746422106 982140944
B 0539544553 71339416142 82089287451 9283915876
AMOUMT: Magimize normality
Percentage
b D -

Note: Notice that the distribution for the log of AMOUNT is fairly

symmetrical. A

d Close the window to return to the Variables tab of the Transform Variables

window.

6 Create an ordinal grouping variable from an interval variable:

With the Transformation node, you can easily transform an interval variable into
a group variable. Because you are interested in the credit worthiness of particular

age groups, create

an ordinal grouping variable from the interval input AGE.

a Right-click in any cell of the AGE variable row and select the Transform pop-up
menu item. Another pop-up menu opens.

b Select Bucket. This selection opens the Input Number window, which is used to
define the number of buckets (groups) that you want to create. By default, the
node creates four buckets.
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Input Mumber !ﬂl

How many buckets¥

[_E:ji Clo=ze |

¢ Select the button to create the default four buckets. The Select values
window opens. It displays the position of each bucket.

il Select values M= E3
Bin: | hd| Value: 33

Percentage
20

—ll o

0
19 225 26 295 33 3BH 40 435 47 GOS5 B4 YR OBl B4S EBE 1B VO
age

Percentag
{0.1 |

To reposition a bin (bucket), drag the slider bar for the bin to a new location.
You can also set the bin position by selecting the bin number that you want to
modify from the Bin arrow control and entering a new bin value in the value
entry field.

d For this example, close the Select Values window to use the default bin
positions and to return to the Variables tab. The new bucket variable is added
as a variable entry in the Variables tab. The keep status of the original input
AGE is set to No.

7 Close the Transform Variables node. Click the button in the Message window
to save your changes.

8. Creating a Stepwise Logistic Regression Model

Enterprise Miner enables you to develop predictive models with the Regression,
Neural Network, and Tree nodes. You can also import a model that you developed
outside of Enterprise Miner with a User Defined Model node, or you can write SAS code
in a SAS Code node to create a predictive model. Another option is to predetermine the
important inputs (reduce the data dimension) with the Variable Selection node before
modeling with one of the intensive modeling nodes. For more information about
predictive modeling, read the Predictive Modeling section in the Enterprise Miner
online Nodes help.

Many credit organizations use logistic regression to model a binary target, such as
GOOD_BAD. For this reason, a regression model will be the first trained.
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Add a Regression node to the Diagram Workspace.
2 Connect the Transform Variables node to the Regression node.

3 Open the Regression node. The Variables tab lists the input variables and the
target. All of the input variables have a status of use, indicating they will be used
for training. If you know that an input is not important in predicting the target,
you may want to set the status of that variable to don’t use (right-click in the
Status cell for that input, select Set Status, and then select don’t use). For
this example, all variable inputs will be used to train the model.

4 For this example, use a stepwise regression to build the model. Stepwise
regression systematically adds and deletes variables from the model based on the
Entry and Stay significance levels (defaults of 0.05). Select the Selection Method
tab and then click the Method drop-down arrow to select the Stepwise item.

5 By default, the Regression node chooses the model with the smallest negative log
likelihood. For this example, the node should automatically set the criteria field
to Profit/loss. Profit/loss chooses the model that minimizes the expected loss
for each decision using the validation data set. Because the validation data set
will be used to fine-tune the model and to assess the model, ideally you would
want to withhold a test data set to perform an unbiased assessment of the model.

Linear and Logistic Regression: Model Untitled

fidvanced ] Output ] Hotes ]
Data ] Variables ] Model Options Selection Method ] Initialization ]

Method: Stepwise j

Criteria: |Pr|:|fit / Loss j

Effect Hierarchy

I~ Sequential

Variable type: Mj
Mowving effect rule: ,NDI'IE—ﬂ

General

6 Select the Model Option tab. Notice that Type (of regression) is set to Logistic in
the Regression subtab. If the target was an interval variable, such as average
daily balance, then the type would automatically be set to Linear.

7 Select the Target Definition subtab of the Model Options tab. Notice that the event
level is set to gooD. If you wanted to model the probability of a customer having
bad credit, you would need to reset the event level in the target profile. You can
edit the target profile by right-clicking on any cell of the target variable row in the
Variables tab and selecting the Edit profile pop-up menu item.

8 Save the model by using the File menu to select Save Model As. Type a model
name and description in the respective entry fields and then click [OK]. When you
run the node, the model is saved as entry in the Model Manager. By default, the
model is named “Untitled.”
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Save Model As
Model Hame: Stepuwisel

Hodel Description: |Stepwise Regres=sion Model

OK I Cancel |

9 Close the Regression node.

10 Train the model by right-clicking on the Regression node icon in the Diagram
Workspace and selecting the Run menu item. Because you did not run the
predecessor nodes in the process flow, they execute before the Regression node
begins training. In general, when a node is run, all predecessor nodes need to run
in order to pass information through the process flow. You can run the Regression
node when it is open, but only if you have first run the predecessor nodes in the
process flow.

11 Click the button in the Message window to view the results.

Bun zucceeded Ed |

Run for Regreszion completed succeszsully.
Do pou wizh o view results?

Yes | Mo | todel bManager |

12 When the Regression Results browser opens, the Estimates tab is displayed.

I[=1 E3

B3 Results - Regression

Hodel Eztimates ] Plot ] Statistics ] Code ] Log ] Output ] Hotes ]

# Effect T-scores ¢ Estimates " Table

Absolute Yalue

—

HoXK2 X¥3oX4 ®E O OWE XY X8 X3

L

=10 =11

T

K12 K13 ®14 ®15

Eitect Label Effect Label
1 Intercept ®2-checkingl  *3-duration
4-zavings 1 #B-checking2  ®B-history 1
7-coapp 2 ®E-higtory 2 #9-coapp 1
*-4.1 77023806 i4. 7133051 4?3!
Note: The initial bar chart frame may not have room to display all of the bar

effects. To view all of the effect estimates, use the Format menu and select
Rescale Axes. A\
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The scores are ordered by decreasing value in the chart. The color density
legend indicates the size of the score for a bar. The legend also displays the
minimum and maximum score to the left and right of the legend, respectively.
CHECKING, DURATION, and HISTORY are the most important model predictors.

To display a text box that contains summary statistics for a bar, select the View
Info tool

h?

then select and hold mouse button down the bar that you want to investigate.

B3 Results - Regression M=l

Model Eztimates ] Flot ] Statistics ] Code ] Log ] Output ] Hotes ]

" Effect T-scores { Estimates " Table

Abzolute Valus

g Effect Label : checking 1
Absolute Value: 4.1770232065
4 Effect T-scores 4177023806

u T —— T T T e ——— T T
®1OHZ K3 x4 KB OXME KT OXKE X3 XID O OXKIT O K12 K13 K14 K15

Effect Label Effect Label

1 ntercept wa-checking 1 ®3-duration
. d-zavings 1 *B-checking 2 XE-histom 1

+7-coapp 2 HB-higkory 2 #9-coapp 1
i Y i 4177023806 DN 4 7193051473

You can use the Move and Resize Legend tool icon on the toolbox to reposition
and increase the size of the legend.

To see a chart of the raw parameter estimates, click the Estimates radio button
to display the parameter estimates plot. An advantage of effect T-scores over the
raw parameter estimates is that their size can be compared directly to show the
relative strengths of several explanatory variables for the same target. This
eliminates the effect of differences in measurement scale for the different
explanatory variables.

None of the transformations that you created in the Transform Variables node
have large absolute effect T-scores. You should work on the exploratory and
modification phases of the SEMMA methodology before training models. You can
also try different Regression node settings to obtain a better fitting model.
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B3 Results - Regression
Hodel Estimates ] Plot ] Statistics ] Code ] Log ] Output ] Hotes ]

" Effect T-scores (* Estimates " Table

[_ (O] %]

Abszolute Value

H1OoH2 M3 X4 ¥EOME M7 ¥B ¥ X100 M1
Effect Label

Effect Label
1 -ntercept w2-history 1 Wacoapp 2
wd-checking 1 *B-zavings 1 wE-savings 4
wichecking2  XB-savings 3 #S-histary 0

K12 ®13 x4 ¥1E

1034703716 D1 545379652

13 Select the Statistics tab to display statistics, such as Akaike’s Information
Criterion, the average squared error, and the average expected loss for the
training and validation data sets. The average loss for the cases in the validation
data set is about -54 cents (a 54 cent profit), adjusted for the prior probabilities

that you specified in the prior vector of the target profile.

By Results - Regression [_ (O]
Mode 1 ] Eztimates ] Plot Statistics ] Code ] Log ] Output ] Hotes ]
Fit Sitatistic| Label | Training | WValidation | Test | 4]
_WERR_ | Erar Function 41888829579 .
CWMAX | Masimum Absolute Ermor 0.940091 5704
WMSE_ | Mean Square Ermor 01646321238
_WMOBS_ | Sum of Frequencies 4149
_WRASE_ | Root Average Squared Emar 0.4057435433
_WRMSE_ | Root Mean Sgquare Ermror 0.4057 485433
_WSSE_ | Sum of Square Errors 137961715978
WSUMW | Sum of Caze “Weights Times Freg 838
WMISC | Misclassification Rate 02816229117
_WDISF_ | Frequency of Classified Cazes 419
WUMCF_ | Freguency of Unclazsified Cases 0
_WLOSS_ | Total Loss for GOOD_BAD -225.3935061
E for GOOD BAD 0537931996

o

14 Select the Output tab to view the DMREG procedure output. PROC DMREG is
the underlying Enterprise Miner procedure that is used to generate the results.
The Output tab lists background information about the fitting of the logistic
model, a response profile table, and a summary of the stepwise selection process.
At each step, odd ratio estimates are provided. Odd ratios are often used to make
summary statements about standard logistic regression models. By subtracting
one from the odds ratio and multiplying by 100, you can state the percentage in
odds for the response for each unit change in a model input. For nominal and
binary inputs, odds ratios are presented versus the last level of the input.
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By Results - Regression [_ (O]
Mode 1 ] Eztimates ] Flot ] Statistics ] Code ] Log Output ] Hotes ]

The DMBEG Procedure

fAnalvsziz of Maximum Likel ihood Estimates

Standard Hald Pr > Standardized
DF Estimate Error Chi-square Chi-square Estimate
1 0.8619 0.1173 53.96 <.0001
1 1 =-0.7990 0.1624 24.22 <.0001
2 1 -0.5448 0.1633 11.13 0.0008
3 1 0.1414 0.2755 0.26 0.6078
Odds Ratio Estimates
Input Odd=s Ratio J
checking 1 vs 4 0.135
checking 2 vs 4 0.174 -
£l | e

15 Close the Results browser.

9. Creating a Multilayer Perceptron Neural Network Model

The attraction of a standard regression model is its simplicity. Unfortunately, the
structure of the standard model does not allow for nonlinear associations between the
inputs and the target. If such associations exist, both the predicted response
probabilities and any interpretations of the modeling results will be inaccurate.

By adding polynomial and interaction terms to the standard model, nonlinear
associations can be incorporated into the logistic regression. To learn more about this
task, read the Regression node section in the Enterpriser Miner online Nodes Reference
help.

Alternatively, you can use another modeling tool such as the Neural Network node.
The Neural Network node enables you to fit nonlinear models like a multilayer
perceptron (MLP). Neural networks are flexible classification methods that, when
carefully tuned, often provide optimal performance in classification problems such as
this one. Unfortunately, it is difficult to assess the importance of individual inputs on
the classification. For this reason, MLPs have come to be known as “black box”
predictive modeling tools. To create a MLP model:

1 Add a Neural Network node to the Diagram Workspace.

2 Connect the Transform Variables node to the Neural Network node. (Now, both the
Neural Network node and the Regression node are connected to the Transform
Variables node.)

3 Open the Neural Network node. The Variables tab lists the input variables and the
target. All of the input variables have a status of use indicating that they will be
used to train the network. If you know that an input is not important in
predicting the target, you might want to set the status of that variable to don’t
use (right-click in the status cell for that variable input, and select set Status,
and then select don’t use). For this example, all variable inputs will be used to
train the network.

4 The Neural Network node provides a basic (default) and an advanced user
interface for configuring the network. The basic interface contains a set of
easy-to-use templates for configuring the network. The advanced user interface
enables you to have more control over configuring the network. For example, you
can change the objective function in the advance interface, but not in the basic
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interface. If you are relatively new to neural networks, you might want to first
experiment with different basic network configurations. To configure the network
in the advanced interface, you must first select the Advanced user interface
check box in the General tab. For this example, you will use the advanced
interface to see a schematic representation of the network.

Because you defined a loss matrix for the GOOD_BAD target, the node
automatically sets the model selection criteria to Profit/Loss. The node will
select the model that minimizes the expected loss for the cases in the validation
data set.

ol

Select the Advance user interface check box. The Advanced tab becomes
active and the Basic tab becomes dimmed when you select this check box.

D

Neural Network: Model Untitled H=] E3

Data ] Variables General ] Brapr ber ] fAdvanced ] Dutput ] Hotes ]

Model selection criteria: |Prufit / Loss 1'

¥ Advanced user interface

[T Accumulate training history Clear I
W Training process monitor Configure. .. |

7 To display a schematic representation of the network, select the Advanced tab.

Meural Network: Model Untitled H=1 E3
Data ] Variables ] General ] Brapr b fAdvanced ] Output ] Hotes ]
‘tFeate Network Default number of hidden units: 3
[
INTERVAL J
HOH INAL GOOD_BaAD
ORD INAL
| | i
Hetwork Initialization J_ Optimization ]_ Train I_ Prelim J

The layer on the left represents the input layer that consists of all the interval,
nominal, and ordinal inputs. The middle layer is the hidden layer, which has three
hidden units (neurons). The layer on the right is the output layer, which
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corresponds to the target (GOOD_BAD). When you train the Neural Network node,
linear combinations of the inputs are transformed by the hidden units and are
recombined to form an estimate of the predicted probability of having bad credit.

8 Save the model by using the File menu to select Save New Model. Type a model
name and description in the respective entry fields and then click [OK]. The model
is added as an entry in the Model Manager. By default, the model is saved as
“Untitled.”

Save Model As |

MHodel Hame: Heural

Model Description: [Newral Network Hodel

0K | Cancel I

9 Train the model by clicking the Run tool icon at the top of the application.

Note: Because you have already run the predecessor nodes in the process flow,
you can run the Neural Network node while it is open. A

10 When the node is running, the Neural Network Monitor window displays the error
evolution for the training and validation data sets during optimization.

Meural Hetwork Monitor E2

Stop I Cont inue I Close I

Monitor

|:| Train
M valid

g—:ﬁ

oo 00000000 —
[=JC I - T - Y- - -

0 5 10 15 20 25 30 35 40 45
lteration Mumber

Training Multiply objective by 1.5425832355

11 After the node finishes training, click the button in the Message window to
view the results. By default, the node will complete 100 iterations. You can stop
training at any time by clicking the button. Click to continue
training. Click to stop training altogether and close the monitor.

12 Once the node has completed training, click the button in the Message
window to open the results browser.
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13 Select the Plot tab of the Results window. By default, the plot shows the average
squared error for each iteration of the training and validation data sets.

Results - Neural Network Hi=l E
Model ] Tables ] He ights Plot I Code ] Log ] Output ] Hotes ]
fiverage Error (New)
0.8
0.6 ] A P
0.4 ] -
—
0.2 ]
0 20 40 GO a0 100
Number
— Train — Valid

For this example, the optimal average error was achieved at the 35th iteration.
Beyond the 35th iteration, overtraining occurs with respect to the validation data
set. The network is being trained to the noise in the training data set instead of
the underlying patterns in the data. Note how the training and validation lines
diverge beyond the 35th iteration. The message indicator panel at the bottom of
the window lists the optimal run, step, iteration, and the average square error for
the training and validation data sets.

Each time that you open the Neural Network node, a new random seed is created
and used to generate starting values for training the network. Therefore, your
results may differ slightly from the results that are displayed in this document.

14 To view the average loss for each iteration, right-click on the plot and select Loss.

Results - Neural Network Hi=] E3

Model ] Table=s ] Heights=s Plot ] Code ] Loo ] Output ] Hotes ]

fiverage Loss (Hew)
=0.4 |

20 40 ;11 80 100

Humber

The average expected loss is minimized at the 35th iteration. To access a dialog
box that displays the average loss for this iteration, right-click on the plot, select
the Enable pop-up info item, and then select the vertical, white reference line.
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Yalues !li[

Bun=1 Step=Train lteration=35

Train: average loss =5.8E-01
Valid: average loss = =4.8E-01

The average profit for the cases in the validation data set is 58 cents. Note that
the expected loss of -58 cents is adjusted for the prior probabilities that you
specified in the prior vector of the target profile for GOOD_BAD.

15 Close the Neural Network Results browser and the Neural Network node.

10. Creating a Tree Model

An empirical tree represents segmentation of the data created by applying a series of
simple rules. Each rule assigns an observation to a segment based on the value of one
input. One rule is applied after another rule, resulting in a hierarchy of segments
within segments. The hierarchy is called a tree, and each segment is called a node. The
original segment contains the entire data set and is called the root node of the tree. A
node and all its successors form a branch of the node that created it. The final nodes
are called leaves. For each leaf, a decision is made and applied to all observations in
the leaf. The type of decision depends on the context. In predictive modeling, as in this
example, the decision is simply the predicted value.

Tree models readily accommodate nonlinear associations between the input variables
and the target. They offer easy interpretability, and they handle missing values without
using imputation.

1 Add a Tree node to the Diagram Workspace.

2 Connect the Transform Variables node to the Tree node.

3 Open the Tree node. For binary targets, the node uses a chi-square test with a
significance level of 0.200 as the default splitting criterion for binary targets.
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Tree: Model Untitled H=]

Data ] Variables Basic ] fAdvanced ] Score ] Notes ]

Splitting criterion
& Chi-=zquare test Significance level: 0.200

" Entropy reduction
T Gini reduction

Minimum number of observations in a leaf: 1
Observations required for a split search: 5
Max imum number of branches from a node: 2
Maximum depth of tree: b
Splitting rules saved in each node: 5
Surrogate rules saved in each node: 0

W Treat missing as an acceptable value

For brevity, use the default Basic tab settings of the Tree node to fit the model.

4 Select the Advanced tab. Because the node automatically recognizes that an active
loss matrix has been defined, it automatically sets the model assessment measure

to Average Loss. The best tree will be created based on minimizing the expected
loss for the cases in the validation data set.

Tree: Model Untitled

=] E3
Data ] Variables ] Basic fAdvanced ] Score ] Notes ]
Model assessment measure: [fiverage loss ﬂ
Sub-tree: [Best assessment value ﬂ Fagous | 1

Observations sufficient for split search: 581

Haximum tries in an exhaustive split search: L0000
[CUse prior probability in =plit =earch

P=value adjustment

¥ Kass # apply Kas=s before choosing number of branches
" apply Kass after choosing number of branches

¥ Depth

[T Effective number of inputs: 20

5 Save the model using the save tool icon from the application toolbox. The Save
Model As window opens. Type a model name and description in the respective
entry fields and then click [OK]. By default, the model is saved as “Untitled.”

6 Train the node by using the Run icon in the application Toolbox.

7 After the node finishes training, click in the Message window to view the
results.
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Run succeeded

@

Fun far Tree completed successfully.
Do pou wizh o view results?

Mo | todel bManager |

The All tab of the Results browser is displayed:

99

Results - Tree

Model A1l | Summary | Tree Ring | Table | Plot | Score | Log | Notes |

1 =l
I

|

08125
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b B 05438 2509 | _0_593] 22 90 00000(
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The table in the upper-left corner summarizes the overall classification process.
Below this is another table that lists the training and validation expected loss
values for increasing tree complexity. The plot at the bottom-right corner
represents this same information graphically.

The tree with only two leaves provides the smallest expected loss for the
validation data. The average expected loss for the cases in the validation data set
is about -12 cents (a 12 cent profit).

The tree ring provides a quick overview of the tree complexity, split balance,
and discriminatory power. The center of the ring corresponds to the root node of
the tree — the farther from the center, the deeper the tree. A split in the ring
corresponds to a split in the tree. The arc length of the regions within each ring
corresponds to the sample sizes of the nodes. Darker colors represent node purity
(these nodes have minimal expected loss values). The Assessment Colors window
contains the segment color hues that correspond to the expected loss values in the
tree ring.

8 To view the more traditional tree diagram, click the view menu and select Tree.
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Tree: Tree Diagram from Node 1D=1. 3 Depth Down Ei[=] E3
GOOD 90.0%  490.0% I
BAD 10.0% 10,
GOOD 523 377
BAD L] 13
Total 581 419
Decizion accept :
accept 0.4 -0, 457
reject L] 0
CHELCEIMNG
| 1
Ca Ca
| Goon 83_0% 82.9% GOOD 96.2%
BAD 17.0% 17.1% BAD 3.9%
GOOD 227 163 GOOD 2396
BAD 46 34 BAD 12 —
Total 273 196 Total 308
ecizion reject e Deci=sion accept
accept 0.02014 0.16283 accept =-0.T7734
reject 0 0 reject )
|
[CuReTiON]
I 1
i 226 r= 225
GOoD 88, 2% B¢ . 5% GOOD ¥5.5% T3.7%
.T-I|_nr| 11.8% 17,571 | Ran 74 .57 PE. 3 | - e
i

The tree diagram contains the following items:
0 Root node — top node in the tree that contains all cases.

O Internal nodes — nonterminal nodes (also includes the root node) that
contain the splitting rule.

O Leaf nodes — terminal nodes that contain the final classification for a set of
observations.

You can use the scroll bars to display additional nodes. The expected loss values
are used to recursively partition the data in homogeneous groups. The method is
recursive because each subgroup results from splitting a subgroup from a previous
split.

The numeric labels directly above each node indicate at which point the Tree
node found significant splits. The character labels that are positioned central to
each split are the variable names. For the credit data, the only input variable that
resulted in a split was CHECKING.

When you use the loss assessment criterion to build the tree, each row of a node
contains the following statistics:

Target Training Validation
Values Statistics Statistics
GOOD 96.2% 96.2%
BAD 3.8%  3.8% ercentages
GOOD 296 214
o BAD 12 g Counts
Decision Total 308 223k Total Counts

Alternative =—=Decizion accept .
taccep[ or reject} accept =0.7734 -0.7743 EKPECtEd Loss

reject 0 0] for Training and
Validation sets
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0 The first row lists the percentage of good values in the training and
validation data sets.

0 The second row lists the percentage of bad values in the training and
validation data sets.

0 The third row lists the number of good values in the training and validation
data sets.

0 The fourth row lists the number of bad values in the training and validation
data sets.

0 The fifth row lists the total number of observations in the training and
validation data sets.

0 The sixth row lists the decision alternative assigned to the node (accept or
reject).

0 The seventh row lists the expected loss for the accept decision in the training
and validation data sets.

0 The eighth row lists the expected loss for the reject decision in the training
and validation data sets.

9 Close the Results browser and then close the Tree node.

11. Assessing the Models

The Assessment node enables you to judge the generalization properties of each
predictive model based on their predictive power, lift, sensitivity, profit or loss, and so on.

1 Add an Assessment node to the Diagram Workspace.

2 Connect each modeling node to the Assessment node. Assessment statistics are
automatically calculated by each modeling node during training. The Assessment
node assembles these statistics, which enables you to compare the models with
assessment charts.

3 Open the Assessment node. The Models tab of the Assessment Tool window is

displayed.
4 Select all three models by dragging your mouse pointer across each model row
entry.
: M Azsessment Tool M=

Mode 1= l {3 h o ] Fopor tw ] Output l

Aodel Tree M
Meural Me ural ]

Reareszion a . Ste

"
| | 3
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5 To create a lift chart (gains chart) for the models, use the Tools pull-down menu
to select the Lift Chart item. Alternatively, you can create a lift chart by
selecting the Draw Lift Chart tool (the second tool on the Toolbox). By default, the
validation data set is used to create the assessment charts. For a binary target,
the lift chart does not adjust for the expected loss, it only considers the event
posterior probabilities.

% Lift Chart

-Uertical Axis Ualue

" ZResponse *%Response
" ZCaptured Response 100

T Lift Value

" Loss 99 -

RO anl

& Cumulat ive e
Non-Cumulative 95 4

-Bar Color for — E
@ 9 antured Responss 94
O ¥Rewpn

Ciies Ug EER
C Prodisiions
=38 321

a1
a0

-Target Profile

B o, . . Al

10 30 50 70 30
20 40 B0 0 100

Percentile
Toal Mame

’7|:| Baselne [ Tree [ Mewal [ JReg

By default, the Assessment node displays a cumulative $Response lift chart.
For this chart, the customer cases are sorted from left to right by individuals most
likely to have good credit as predicted by each model. The sorted group is then
lumped into ten deciles along the X axis. The left-most decile is the 10% of the
customers most likely to have good credit. The vertical axis represents the actual
cumulative response rate in each decile.

The lift chart displays the cumulative % response values for a baseline model
and for the three predictive models. The legend at the bottom of the display
corresponds to each of the models in the chart. The default legend may not have
enough room to display all models.

To resize the legend, select the Move/Resize Legend tool icon, click and hold the
mouse mouse pointer on the legend resize handles, and then drag the legend to
obtain the desired size.

ey

You measure the performance of each model by determining how well the
models capture the good credit risk applicants across the various deciles. To
display a text box that shows the % response for a point, select the View Info tool,
then click and hold on a point.

N2
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For the regression model, the second decile contains 97.92% good credit risk

applicants.
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The regression model captures a few more good applicants in the second decile
than the neural network model. For the other deciles, the performance of the
neural network model is as good as or better than the regression model.

For this data, the tree model does not perform quite as well as the regression
and neural network models. Note that since a different random seed is used to
generate the starting values for training the neural network, your results may
differ slightly from the neural network results displayed in this lift chart.

6 To create a loss chart, select the Loss radio button.
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The loss chart shows the expected loss across all deciles for each model and for
the baseline model. In the first and second deciles, the regression model provides
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minimal expected loss values of about -70 and -64 cents, respectively (remember
that you can use the View Info tool to probe a point on the loss chart). In the
remaining deciles, the neural network model provides smaller expected loss values
than does the regression model. The performance of the tree model is not as good
as the neural model or the regression model in the earlier deciles. The regression
model becomes the poorest performing model beyond the fifth decile. In fact,
beyond the seventh decile, the regression model yields positive loss values.

There does not seem to be a clear-cut champion model to use for subsequent
scoring. Actually, the German credit data set is a highly random data set, which
makes it difficult to develop a really good model. This is typical of data mining
problems. The selection of the champion model for scoring ultimately depends on
how many applicants you intend to target. For this example, you will use the
neural network model to score the SAMPSIO.DMAGESCR data set.

7 Select the model for subsequent scoring. To export the neural network model to

subsequent nodes in the process flow (for example, to the Score node), follow these
steps:

a Select the Output tab.
b Click on the Neural Network entry in the Highlight Model for Output list

box.
: B Assessment Tool O[]
Models ] Gt o ] Regsortw Output ]

Highlight Model for Output:

fictive Model ID 000101 (Node Label/| ree/ TILHPBUM )

= fi D =T
Active Model D = "A00002U (Mode Label/ID = Neural Metwork TIHST'I'SE
_h = R

fActive Model ID = 000001 (Node Label/ID egression’ TIHBIELA)

8 Close the Assessment node.

12. Defining the Score Data Set

The purpose of predictive modeling is to apply the model to new data. If you are

satisfied with the performance of the neural network model, then you can use this
model to screen (score) the credit applicants. If you are not satisfied with this model,
cycle back through the desired components of the sample, explore, modify, model, and
assess methodology to try to obtain a better predictive model.

For this example, SAMPSIO.DMAGESCR is the name of the score data set. It is also

stored in the sample library.

Follow these steps to set SAMPSIO.DMAGESCR as the score data set:
1 Add a second Input Data Source node to the data mining workspace.
2 Open the Input Data Source node.
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3 Click the down arrow beside the Role item and select Score.
4 Type SAMPSIO.DMAGESCR in the Source Data field and press the ENTER key.

ﬁ-lnput Data Source M= 3
Data ] Variables ] Interval Variables ] Class Variables ] Notes ]
Source Data: |5FIMPS 10 .DMAGESCR Select... I
Output: EMDATA .V IEW_91H

Description: [SAMPS 0. DHAGESCR

Role: RAl j Metadata sample:
Rows : s Size: 75 Change.. I
Columns: 21 Nane : EMPROJ .SHP_VIS6

5 Select the Variables tab. Notice that there is not a target variable named
GOOD_BAD in this data set. You want to estimate the expected loss for the
applicants by applying the scoring formula from the neural network model to this
data set.

6 Close the Input Data Source node and save changes.

13. Scoring the Score Data Set

The Score node generates and manages scoring code that is generated by the nodes
in the process flow diagram. The code is encapsulated in the form of a single SAS DATA
step, which can be used in most SAS environments even without the presence of
Enterprise Miner.

1 Connect the Assessment node to the Score node.

2 Connect the Input Data Source node that contains the score data set to the Score

node.

3 Open the Score node. The Settings tab is displayed. Set the action to Apply

training data score code to score data set.
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Scorel =

Data ] Variables Settings l Score code ] HEY S ] Hotes ]

Perform this action when the path is run

 Inact ive

“ Apply training data score code to score data set
 Accunmulate data sets by type

" Merge data sets by type

General Output variables J

4 Select the Score Code tab to see the current imports. Because you explicitly

selected the neural network model in the Output tab of the Assessment node, the
Assessment import contains the scoring code for the neural network model. To
view the scoring code, double-click on the Assessment current import entry. The
code is displayed in the list box to the right.

Scorel M=l E3

Data ] Variables ] Settings Score code ] g ] Hotes ]

j fAssessment - T2UI_IBR -

Current Imports EMPROJ . TIMSTY 96 .SC_ONZ7X . SOURCE

i QO00] ¥ —_—— -
AMPS 10 . DMAGESCR (no code 00002 A#START_CHUNK 1267972262 % T2L
00003 /#NODE: Data Partition */
00004 A*TIME: OGMAROOD:14:31:02 %/
00005 ¥em e e e ———————
00006 * ;
DOO0T oo o o o o o o e e o e e e e e e
00008 A*END_CHUNK 1267972262 */
DD 00T o o e
D000 ¥ e e e e e e e e e
00011 A#START_CHUNK 1267972262.5 * T
00012 /#NODE: Transform Variables */
00013 A*TIHE: OGMAROO:14:31:03 #/
QOO T4 ¥ o o o o o e e i
4 | 3 < | »

Note: The score data is often much larger than the data from this example,
making it more difficult to score within Enterprise Miner. For this reason, many
companies often store the score data set (applicant database) on a mainframe
computer. You could save and transport this scoring formula to the target
mainframe and score the applicant database on the more powerful mainframe.
The code contains the entire instructions for scoring. Only base SAS software is
required to deploy the code. A

Close the Score node. Click in the Message window to save your changes.
To score the SAMPSIO.DMAGESCR data set, right-click on the node icon and then

select Run. When scoring is completed, click the button in the Message
window.
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14. Viewing the Expected Losses in the Score Data Set

1 Add a Distribution Explorer node to the Diagram Workspace.
2 Connect the Score node to the Distribution Explorer node.

3 Open the Distribution Explorer node and select the Data tab. The Score node
exports the training, validation, and score data sets to the Distribution Explorer
node. By default, the Distribution Explorer node selects the training data set as
the active data set. To view the distribution of the expected loss values, you must
first set the score data set as the active data set. In the Data tab, click [Select],
and then find and select the score data set in the Imports Map window. The score
data set name contains the prefix “SD_”. Click [OK].

li'il_ Imports Map M= E
=

E'Egur‘e ! [apply]
[~}sAs_DATA_SETS

L IMDATA .SD_CTALL |

-

1] | e

Selected Data: [EMDATA.SD_CTALL Role: [SCORE
Description: |El::ur'e data
0K | Cancel Clear |

4 Select the Variables tab. When you scored SAMPSIO.DMAGESCR, Enterprise
Miner automatically created several score variables, such as predicted values,
residuals, and classifications. Two important variables that you will plot are

0o EL_GOOD_BAD_ — contains the expected loss values for making the good
decision.

o D_GOOD_BAD_ — assigns either the accept or reject decision status to an
applicant in the score data set.

Note: A complete listing of the variable names that are written to the scored
data sets can be found in the Predictive Modeling section in the EM Reference
Help, accessed from the main menu. A

‘ Help ‘ > ‘ EM Reference ‘ > ‘ Predictive Modeling

5 To assign EL, GOOD_BAD_ as the X-axis variable, right-click in the Axis cell for
this variable, select Set Axis, and then select X. Repeat these steps to assign
D_GOOD_BAD_ as the Y-axis variable. You will use the D_GOOD_BAD_ variable
in code that you write in the SAS Code node. Write down the name of this variable
for future reference.
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I Distribution Explorer M=l E3
Data Variables ] X Aaxiw ] ¥ axiw ] Z axiw ] Hotes ]
[¥ Chart Only
Name | fixis | Status | Model Role ;I

1 _GOOD_BaAD don't use assess
S_aMOU_OES don't use assess
S_DURAT ION don't use assess

H11 don't u=e input

H12 don't use input

H13 don't u=e input
U_GO0D_BAD don't use assess
P_GODD_BADGOOD don't u=e predict
P_GOOD_BADBAD don't vse predict
D_GOOD_BAD_ don't use assess
EL_GOOD_BAD_ don't use assess

| »

6 To view a histogram of the expected losses for making the good decision, select the

X Axis tab.
ik Distribution Explorer |_[O] x|
Data ] Variables X fAxis ] T Axis ] & oaxiw ] Hotes ]

Number of Bins:[16 ¥ Bound: MAX ¥|  wvalue: | 0
1M v
FPeggentage
4DTE
20
0 [ e e e .

-0.990453722 -0.742840252 -0.4952263861 0247613431 ]

-0.8EEG4 7007 0619033576 -0.371420148 0123806715
Ewpected Logs: GOOD_BaD

Note: The metadata sample is used to create the histogram in the X axis tab and
the bar chart in the Y axis tab. For this example, there are only seventy-five
applicants in the score data set. If the scored data set contains more observations
than the metadata sample, then you should examine the histogram that is created
when you run the node. The node uses all of the observations in the score data set
to generate the graphs shown in the Results browser. A

Applicants that have negative expected loss values (the yellow bars) represent
the customers that pose a good credit risk. All of these customers are assigned to
the accept decision (D_GOOD_BAD_=accept). The orange and red bars represent
the applicants that pose a bad credit risk. Because these applicants have positive
expected loss values, they are assigned to the reject decision
(D_GOOD_BAD_=reject).

To view a bar chart of the accepted and rejected customers in the score data set,
select the Y Axis tab.
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ik Distribution Explorer _ (O] =]
Data ] Variables ] X fAxis T Axis l # oAt ] Hotes ]

Exclude: |

-
I

Percentage

20

accept reject
Decizsion; GOOD_BAD

(-]

Note: The data in both charts is based on the metadata sample. A

To determine the percentage of accepted and rejected customers in the score
data set, use the Probe tool icon and click on a bar: the screen shows that 68% of
the applicants were assigned to the accept decision, and 32% of the applicants
were assigned to the reject decision.

You can use the SAS Code node to create a data set that contains only those
customers that pose a good credit risk (accept status). Alternatively, you could use
the Filter Outliers node to create a data set that contains only the good credit
applicants.

To create a three-dimensional histogram of the expected losses for the accepted
and rejected applicants, use the Tools to select Run Distribution Explorer.
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% Results - Distribution Explorer [_ (O] %]
Chart l Code ] Log ] {hphgnat ] Hotes ]
Percentage
Decizion: GOOD_BAD
40+
304 accept
204
104 reject
a T T T o
-0.989325909 -0.494162955 a
0741244432 0.247081477
Expected Logz: GOOD_BAD
Percentag

9 After the node finishes running, click in the Message window to display the
histogram. To display frequencies on the vertical axis, use the view menu to select

Axes Statistics ‘ > ‘ Response Axis ‘ > ‘ Frequency
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% Results - Distribution Explorer [_ (O] %]
Chart l Code ] Log ] {hphgnat ] Hotes ]
Frequency
Decizion: GOOD_BAD
25+
204 accept
154
104
5 reject
i T T T .
-0.9883254909 -0.494162955 i
-0.741244432 -0.247081477
Expected Logz: GOOD_BAD
Frequency:
[1 | T T - ‘

10 Close the Results browser and then close the Distribution Explorer node.

15. Creating a Score Card of the Good Credit Risk Applicants

To create a score card of the good credit risk applicants, you can use a SAS Code
node. The SAS Code node enables you to incorporate new or existing SAS code into
process flows.

1 Add a SAS Code node to the data mining workspace.
Connect the Distribution Explorer node to the SAS Code node.

2
3 Open the SAS Code node.
4

The SAS Code node provides a macro facility to dynamically reference the data
sets and variables. Before you write code to screen for the bad credit applicants,
determine the name of the macro variable that references the score data set:

a Select the Macros tab.

b Notice that the name of the macro variable that references the score data set is
&_MAC_3.
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B SAS Code H=
Data ] Variables Hacros ] Program ] Exports ] Hotes ]
[" Use DMDB

== Macro variables Macro V ariable | Diescription | Curent value | Data Set Label «
H: FLe Project libraty EMPROJ
E" Imports m &_DLIB Data library EMDATA
; E‘E_:ﬂ ata sets E &_TRAIN Import: Train data..  EMDATATD_RYZ<Y  Training data
By role E B WALID Import: Yalidation ... EMDATAND_BEUMZ  ‘alidation data —
_Enumera E&_TEST Impart: Test data ...
B V"‘”Tb'e“i F=le_score Import: Seore dat..  EMDATA.SD_O3WFE  Score data
g e | |Edemac Import: Train data..  EMDATATD_RYZXY  Training data
* Exports g EleMac 2 Import; Yalidate d.. EMDATAND_BEUNZ  Validation data
Eﬂ & MAC 3 Import; Score dat...  EMDATASD_O03wWFE  Score data
B b_WARS All variables [notr...  CHECKING DURATI...
a0 DCIECTC Daiartad warishlas hd
4] | o] [« | _’l_I

5 Select the Program tab and type the following SAS code:

Data ] Variables ] Hacros Program ] Exports ] Hotes ]
IRun - Bazic computation=s (client or server) ﬂ

¥ Enabled

options nocenter nodate; ;I

data goodapps;

set & _mac_3;

if d_good_bad_='accept’;
run;

¥ From the score data set;
* zelect only the accept applicants;

proc print data=goodapps label;
var custid d_good_bad_ el_good_bad_;
title 'Good Credit Risk Applicants’;
Fun ;

1

| of

The name of the D_GOOD_BAD_ variable is assigned when you scored the score
data set. Make sure you use the correct variable name.

The SAS DATA step reads the observations (customer applicants) from the score
data set. The applicants that were assigned to the accept decision are written to
the output data set GOODAPPS. These applicants are deemed to be credit worthy.

The PROC PRINT step produces a list report of the good credit risk applicants.
The variable CUSTID identifies the good applicants.

To run the code, click the Run tool icon.

x

7 After the code executes, click the button in the Message window. Select the
Output tab to view the list of good credit risk applicants.
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Output

l

Hotes=s

Log
Good Credit Risk
Obs=s CUSTID
1 325
z 858
3 151
4 212
5 990
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11 E16
12 FiLk
13 120
14 312
15 a7
16 L |
17 998
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19 160
21 a7n
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QEEar
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l

8 Close the SAS Code node.
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16. Closing the Diagram

When you close the Diagram Workspace, the diagram is automatically saved to the

project. You can reopen the diagram and make revisions.

As you apply the production model, you should record and track the results of the

model. (Each node contains a Notes tab where you can type and store notes.) At some

point as you track the model results, you may determine that you need to use
additional data and recalibrate the model to improve its predictive ability.
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SAMPSI0.DMAGECR (German Credit Data Set)

0o CHECKING: Status of existing checking account

o 1:
o 2:
o 3:
o 4:

<0 DM

0 to <200 DM

>=200 DM/ salary assignments for at least 1 year
no checking account

0o DURATION: Duration in months
o HISTORY: Credit history

0:
1:
2:
3:
o 4:

O

o o g

no credits taken/all credits paid back duly

all credits at this bank paid back duly

existing credits paid back duly till now

delay in paying off in the past

critical account/other credits existing (not at this bank)

o PURPOSE: Purpose

o O:

i e o O s Y O s O A s R
b © 0 =1 O Ul A W N

O

car (new)

: car (used)

: furniture/equipment
: radio/television

: domestic appliances
: repairs

: education

: vacation

: retraining

: business

: others

o AMOUNT: Credit amount
0 SAVINGS: Savings account/bonds

o 1.
o 2:
o 3:

< 100 DM
100 to < 500 DM
500 to < 1000 DM
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o 4: >= 1000 DM
0 5: unknown/no savings account

o EMPLOYED: Present employment since
0 1: unemployed
0O 2: <1year
O 3: 1to <4 years
O 4: 4 to < 7 years
O 5: >= 7 years
0o INSTALLP: Installment rate in percentage of disposable income
0 MARITAL: Personal status and gender
0 1: male: divorced/separated
0 2: female: divorced/separated/married
o 3: male: single
O 4: male: married/widowed
o 5: female: single

o COAPP: Other debtors/guarantors
O 1: none
O 2: co-applicant
O 3: guarantor

0 RESIDENT: Date beginning permanent residence
o PROPERTY: Property
O 1: real estate
o 2: if not 1: building society savings agreement/life insurance
O 3: if not 1/2: car or other, not in attribute 6
0 4: unknown/no property

0 AGE: Age in years

o OTHER: Other installment plans
o 1: bank
o 2: stores
O 3: none

o HOUSING: Housing
O 1: rent
O 2: own
o 3: for free

0 EXISTCR: Number of existing credits at this bank
o JOB: Job
o0 1: unemployed/unskilled - nonresident
0 2: unskilled - resident
o 3: skilled employee/official
O 4: management/self-employed/highly qualified employee/officer

0o DEPENDS: Number of dependents
o TELEPHON: Telephone

O 1: none

O 2: yes, registered under the customer’s name
0o FOREIGN: foreign worker

o 1: yes

O 2: no
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activation function
in the language of neural networks, a mathematical transformation of the net input
to yield the output of a neuron.

architecture
in the language of neural networks, a statistical model.

adaptation
in the language of neural networks, the process of estimation and model-fitting.

assessment
determining how well a model computes good outputs from input data not used
during training. Assessment statistics are automatically computed when you train a
model with a modeling node. By default, assessment statistics are calculated from
the validation data set. You can choose to assess the adequacy of a trained model(s)
with a test data set. You can compare models using either the Model Manager of a
modeling node or the Assessment node.

Assessment Graph (Decision Tree)
a graph in the Tree Browser that plots the utility values from the Assessment Table.
The red, or lighter, symbols represent the validation data; the blue, or darker,
symbols represent the training data. The vertical reference line corresponds to the
tree partition highlighted in the Assessment Table.

Assessment Table (Decision Tree)

a table in the Tree Browser that provides a measure of how well the tree describes
the data. For a nominal target, the default measure is the proportion of observations
correctly classified. For an interval target, the default measure is the average sum of
squared differences of an observation from its predicted value. The table displays the
assessment for several candidate partitions of the data. In the Assessment Table, one
partition is highlighted and the summary statistics for this partition are displayed in
the Summary Table in the Tree Browser.

association discovery
the identification of items that occur together in a given event or record. This
technique is also known as market basket analysis. Association discovery rules are
based on frequency counts of the number of times items occur alone and in
combination in the database. The Association node is used to perform an association
discovery.
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back propagation
in the language of neural networks, the computation of derivatives for a multilayer
perceptron.

binary variable
a variable that contains two discrete values (for example, PURCHASE: Yes and No).
The binary measurement level is automatically set to binary variables in the Input
Data Source node.

branches
subtrees rooted in one of the initial divisions of a segment of a tree. For example, if a
rule splits a segment into seven subsets, then seven branches grow from the segment.

case
a collection of information about one of numerous entities represented in a data set.
In SAS System terminology, a case is an observation in the data set.

character variable
a variable whose values can consist of alphabetic and special characters as well as
numeric characters.

clustering
the process of dividing a data set into mutually exclusive groups such that the
observations for each group are as close as possible to one another, and different
groups are as far as possible from one another.

cluster sampling
the process of selecting a sample of groups or clusters from a population. The sample
contains all the members of each selected group or cluster. Cluster sampling is useful
for transaction data or household data, for example.

combination function
in the language of neural networks, a function that is applied to both inputs and
hidden layers that computes the net input to a hidden or output neuron.

cost variable
a variable that is used to track cost in a data mining analysis. You set the cost
variable role in the Input Data Source node.

data subdirectory
a subdirectory within the project location that contains potentially large files that are
created when you run the various process flows in the project. The EMDATA libref is
automatically assigned to the data subdirectory.

database
See SAS data set.

data mining database (DMDB)
a SAS data set that is designed to optimize the performance of the modeling nodes.
The DMDB enhances performance by reducing the number of passes that the
analytical engine needs to make through the data. It contains a meta catalog with
summary statistics for numeric variables and factor-level information for categorical
variables. All nodes that require a DMDB create one when you run the node. The
DMDB node is available if you want to create a DMDB on demand. You may want to
create a DMDB with the DMDB node to establish a visual reference for the DMDB in
the process flow diagram. The DMDB node also provides the only mechanism for
browsing the statistics of a DMDB.

deciles
a division of data into tenths after the data have been sorted by the values of one or
more variables. Deciles are usually cumulative, such that the first decile contains the
top 10% of the data, the second decile contains the top 20% of the data, and so on.
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dependent variable
See target variable.

depth
the number of successive hierarchical partitions of the data in a tree. The initial,
undivided segment is at depth 0. Specify a depth value to control how much of the
tree to display in a Tree Diagram. See also levels.

diagram
an Enterprise Miner process flow that you interactively create in the Diagram
Workspace of the SAS Enterprise Miner window. A diagram is stored in a project.
You can create multiple diagrams per project. Diagrams are shareable.

diagram nodes
graphical regions of the Tree diagram and the Neural Network diagram that contain
information. For the Tree diagram, a diagram node displays one of three types of
information: segment statistics, the names of the variables used to split the
segments, or the variable values. For the Neural Network diagram, diagram nodes
represent inputs, hidden layers, and targets.

error function
a function that measures how well a neural network or other model fits the training
data. The error function is also known as a Lyapunov function or an estimation
criterion.

estimation criterion
See error function.

format
a pattern that the SAS System uses to determine how a variable value should be
displayed. The SAS System provides a set of standard formats and also enables you
to define your own custom formats.

freq variable
a variable that represents frequency of occurrence for other values in each
observation. Unlike some SAS procedures, the freq variable can contain noninteger
values and can be used for weighting observations. You set the Freq variable role in
the Input Data Source node.

generalization
to compute accurate outputs using input data that was not used during training.

hidden layer
a layer between input and output in a neural network where one or more activation
functions are applied, typically to introduce nonlinearity.

ID variable
an indicator variable. The Associations node requires an ID variable for association
discovery. You set the ID variable role in the Input Data Source node.

imputation
computing replacement values for missing input values. Imputation can be done with
the Replacement node.

independent variable
See input.

informat
a pattern that the SAS System uses to determine how values entered in variable
fields should be interpreted. The SAS System provides a set of standard informats
and also enables you to define your own custom informats.
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input variable
a variable that is used to predict the value of the target variable(s). You set the input
variable role in the Input Data Source node.

internal nodes
segments of a tree that have been further segmented.

interval variable
a continuous variable that contains values across a range (for example, TEMP: 0, 32,
34, 36, 43.5, 44, 56, 80, 90, 99, 99.9, 100). You set the interval measurement level to
a variable in the Input Data Source node.

leaves
segments of a tree that are not further segmented. The final leaves in a tree are
known as terminal nodes.

levels
successive hierarchical partitions of data in a tree. The first level represents the
entire unpartitioned data set. The second level represents the first partition of the
data into segments, and so on. See also depth.

libref
the name that is temporarily associated with a SAS data library.

logistic regression
a form of regression analysis in which the target (response) variable represents a
binary or ordinal-level response.

measurement
the process of assigning numbers to things such that the properties of the numbers
reflect some attribute of the things.

measurement level
one of several different ways in which properties of numbers can reflect attributes of
things. The most common measurement levels are nominal, ordinal, interval,
log-interval, ratio, and absolute. Measurement level roles are automatically set to
variables in the Input Data Source node using the metadata sample.

metadata sample
a sample of the input data source that is downloaded to the client and is used
throughout Enterprise Miner to determine meta information about the data. By
default, the meta sample file size is 2000 cases. You can set the metadata sample
size in the Input Data Source node. The metadata sample is updated with new
variables that are automatically created or that you create as you build and run the
process flow diagram. The metadata sample is used:

O to calculate summary statistics, determine the number of variable levels, and
determine the frequencies of the variable levels for the active data set in the
Input Data Source node.

O to determine hierarchical relationships between variables when running the
Variable Selection node.

O as the project data when a remote project is run locally and the data does not
exist locally.

O to determine what cases are filtered in the Automatic Filter window of the
Filter Outliers node.

O as the data source to create a bar chart of a variable whenever you select the
View distribution item for a variable in a node.

model
a formula or algorithm that computes outputs from inputs. A statistical model also
includes information about the conditional distribution of the targets given the inputs.
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multilayer perceptron (MLP)
a neural network with one or more hidden layers, each of which has a linear
combination function and executes some nonlinear activation function on the input to
that layer.

net input
the result of the combination function of a neuron. The net input can be transformed
by an activation function to yield an output.

neural networks
a class of flexible nonlinear regression and discriminant models, data reduction
models, and nonlinear dynamic systems that consist of an often large number of
neurons usually interconnected in complex ways and often organized into layers.

neurons
linear or nonlinear computing elements in a neural network that accept one or more
inputs, compute a function of the inputs, and may direct the result to one or more
other neurons. Neurons are also known as nodes or units.

nodes (Tree)
segments or diagram nodes, depending on context. The terms leaves, nodes, and
segments are closely related and sometimes refer to the same part of a tree. See also
internal nodes.

nodes (Neural Network)
See neurons.

nominal variable
a variable that contains discrete values that do not have a logical ordering (for
example, PARTY: Democrat, Republican, other). The Input Data Source
automatically assigns the nominal measurement level to variables based on the
information in the metadata sample. You can also set the nominal measurement
level to a variable in the Input Data Source node.

numeric variable
a variable that contains only numeric values and related symbols, such as decimal
points, plus signs, and minus signs.

observation
See case.

ordinal variable
a variable that contains discrete values that do have a logical ordering (for example,
GRADE: A, B, C, D, F). The Input Data Source automatically assigns the ordinal
measurement level to variables based on the information in the metadata sample.
You set the ordinal measurement level to a variable in the Input Data Source node.

ouitput
a variable that is computed from the inputs as a prediction of the value of the target
variable.

overfit
training the model to the random variation in the sample data. Overfit models
contain too many parameters (weights), and they do not generalize well.

partition
dividing the available data into training, validation, and test data sets. You can
partition the data with a Data Partition node.

perceptron
a linear or nonlinear neural network with or without one or more hidden layers.
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predicted value
See output.

predict variable
a variable that contains the predicted values (outputs) for the target. You set the
Predict variable role in the Input Data Source node or Data Set Attributes node.

profit matrix
a table of expected revenues and expected costs for each decision alternative for each
level of the target variable.

project
a collection of Enterprise Miner process flow diagrams. You can create a local or
client/server project. Projects are shareable, which means that multiple users can
work on the same project simultaneously. Only one diagram can be open within the
project at a time. The project contains the .dmp file that corresponds to the project
definition, and the various .dmd files, which represent the various diagrams within
the project. The name of the .dmp file defines the name of the project. Each project
contains a project, data, and report subdirectory.

rejected variable
a variable that is manually excluded from data mining analysis. You set the rejected
variable role in the Input Data Source node.

project subdirectory
a subdirectory where information for each diagram and its nodes, the target profile,
and various registries are stored. In addition, diagram lock (.Ick) files are placed here
every time a diagram is opened to prevent two users from opening the same diagram
at the same time. The EMPROJ libref is automatically assigned to the project
subdirectory. A USERS directory exists within the project directory, which contains
files that represent the users currently sharing the project.

reports subdirectory
HTML reports generated by the Reporter node are stored in this project subdirectory.
Each report has its own subdirectory. The name of the subdirectory defines the name
of the report.

response variable
See target variable.

root node
the initial tree segment. It represents the entire data set.

root segment
See root node.

rules
definitions of how to split segments of data into subsegments in a tree.

sampling
the process of subsetting the population into n cases. You often want to sample the
input data to decrease model-fitting time. You use the Sampling node to obtain a
sample.

SAS data set
descriptor information and its related data values organized as a table of
observations and variables that can be processed by the SAS System.

scoring
the process of applying a model to new data to compute outputs. Scoring represents
the end result of data mining.
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seed
an initial value from which a random number function calculates a random value.

sequence variable
a variable that represents the time span from observation to observation. The
Associations node requires a sequence variable for sequence discovery. The sequence
(time stamp) variable must be recorded on the same scale. You set the Sequence
variable role in the Input Data Source node.

simple random sample
a sample for which each item in the population has an equal chance of selection.

standard deviation
statistical measure of the variability of a group of data values. This measure, which
is the most widely used measure of the dispersion of a frequency distribution, is
equal to the positive square root of the variance.

stratified random sample
a sample obtained by dividing a population into nonoverlapping parts, called strata,
and randomly selecting items from each stratum.

subdiagram
a collection of nodes in a process flow diagram that are compressed into a single
node. The use of a subdiagram may improve your control of the information flow in
the diagram.

tabbed dialog box
a window in which you select labeled tabs to access different screens within the
window.

target variable
a variable whose value is known in some currently available data (for example, the
training data set) but is unknown in some future data sets (for example, the score
data set). You typically want to predict the values of the target variable(s) from other
known variables. The ordering of the target values determines the event level for
class targets. You set target variables in the Input Data Source node or Data Set
Attributes node.

test data
currently available data that contain input and target values that are not used
during training, but instead are used for generalization and to compare models. A
test data set can be created with the Data Partition node. You can also assign the
test role to a test data set in the Input Data Source node or Data Set Attributes node.

training
the process of computing good values for the weights in a model.

training data
currently available data that contain inputs and target values used for model
training. A training data set can be created with the Data Partition node. You can
also assign the training role to a training data set in the Input Data Source node or
Data Set Attributes node.

transformation
applying a function to a variable to adjust its range, variability, or both. Variables
can be transformed in the Transform Variables node.

tree
the complete set of rules used to split the data into a hierarchy of successive
segments. A tree consists of branches and leaves, in which each set of leaves



126 Glossary

represents an optimal segmentation of the branches above them according to a
statistical measure.

Tree Diagram
a graphical representation of (at least) a selected portion of a tree, which may include
segment statistics, the names of the variables used to split the segments, and the
variable values. Click on the Tree-Ring Navigator to open the Tree Diagram.

Tree Browser
the main analysis window for data segmentation. The Tree Browser contains the
Summary Table, Tree-Ring Navigator, Assessment Table, and Assessment Graph.

trial variable
a variable that contains count data for a binomial target, such as the number of
responders who responded to a mailing. Some of the trials are classified as events,
and the remainder are classified as non-events.

unary variable
a variable that contains a discrete value. The unary measurement level is
automatically assigned to unary variables in the Input Data Source node.

underfit
training the model to only part of the actual patterns in the sample data. Underfit
models contain too few parameters (weights), and they do not generalize well. See
also overfit.

units
See neurons.

validation data
data that are used indirectly during training for model selection, early stopping, or
for other methods intended to improve generalization. You can also use the
validation data set as a selection criterion when running stepwise regression with
the Regression node. By default, all assessment statistics are calculated using the
validation data set. You can create a validation data set with the Data Partition
node. You can also assign the validation role to a validation data set in the Input
Data Source node or Data Set Attributes node.

variable
one of the items of information that is represented in numeric or character form for
each case in a data set.

weights
constants that are used in a model for which the constant values are unknown or
unspecified prior to the analysis.
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A

Actions menu E

additive nonlinear models

assessing models

assessing nodes

Assessment node 101

association discovery data

Association node

averaging posterior probabilities or
predicted values

B

bar charts
basket analysis data
batch processing
data mining database for
server profile in batch mode
bucketed principal components

Cc

C Score node

charts

class variables

client/server projects
creating 23]

cloning nodes

Clustering node

Connection Status Indicator

Control Point node

copying nodes

crashes

D

data access @
data exploration
data mining
Data Mining Database node
Data Partition node
Data Set Attributes node il
data sets, partitioning [50][84]
data structures
association discovery data
regression data

time-series cross-sectional (panel)
data analysis
time-series data analysis
Data tab
decision trees
Diagram menu
Diagram tab
Diagram Workspace
adding nodes to
connecting nodes in a diagram
pop-up menu
diagrams
See process flow diagrams
See project diagrams
dimmed items
directory structure
EMDATA directory
EMPROJ directory
project location
REPORTS directory
Distribution Explorer node 107
DMREG procedure
documentation

E

Edit menu E

EMDATA directory
EMPROJ directory
endpoints

Ensemble node

Enter node

Enterprise Miner software
documentation
interface [

layout

starting

Enterprise Miner window
exit code

Exit node

exploring nodes
exporting Version 4.0 projects

F

File menu
Filter Outliers node
fitting models

Forecasting node

G

graphs

grayed items

Group Processing node
running project diagrams
setting target variables

H

halts
Help menu E

histograms, multidimensional
HTML reports

importing Version 2.0x projects

initialization

Input Data Source node [49]
Variables tab

input variables

Insight node

interface

interval variables

K

Kohonen networks

L

large files

linear models

local projects EI
creating [18]76]

M

macro facility
maps, self organizing
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menus

Diagram Workspace pop-up menu

grayed items
node pop-up menu

pop-up

pull-down J

Message Panel
Messages window
metadata [49)51]

mi
mi

ner command [
ssing values

MLPs (multilayer perceptrons)
Model Manager

model weights

modeling nodes

models

assessing
fitting
user-defined

modifying nodes
multidimensional histograms
multilayer perceptrons (MLPs)
Multiplot node

multivariate distributions

N

network maps
Neural Network node |52

no
no

de pop-up menu
des

adding to process flow diagrams @
assessing nodes  [52)

Assessment node  [52
Association node %
Association nodes
C Score node
changes to
cloning
Clustering node

connecting in process flow diagrams
Control Point node

copying

cutting connections

Data Mining Database node
Data Partition node

Data Set Attributes node

Data tab

defaults, viewing and setting
deleting from diagrams |43
Distribution Explorer node 107
endpoints

Ensemble node

Enter node

Exit node

exploring nodes

Filter Outliers nod
Forecasting node

functionalities

Group Processing node [31]53] 78]
Input Data Source node [49]63] 77
Insight node

modeling nodes

modifying nodes

moving in diagrams

Multiplot node

Neural Network node
Notes tab
organization of
pasting
pop-up menus
Princomp/Dmneural node
properties, viewing
Regression node [5
Replacement node E
Reporter node 53
Results browser
Results Browser
Sampling node @
sampling nodes @
SAS Code node Em
Score node 105
SOM/Kohonen node
Subdiagram node
Transform Variables node
Tree node
usage rules for
User Defined Model node
utility nodes
Variable Selection node
Variables tab
warning messages

Notes tab

(o)

OLTPs (online transaction processing
systems)

Options menu

outliers

output files

P

panel data analysis
partitioning data sets
pasting nodes
perceptrons
plots
pop-up menus
Diagram Workspace pop-up menus
node pop-up menu
posterior probabilities, averaging
predicted values, averaging
predictive modeling
principal components analysis
Princomp/Dmneural node
process flow diagrams
See also project diagrams
adding nodes to @
assessing nodes
building
cloning nodes
closing |113
components for building
connecting nodes
copying nodes
cutting connections
deleting nodes
Diagram Workspace

diagram workspace pop-up menu

example

flow of @

generating results from

logic

Messages window

moving nodes

node pop-up menu

opening

pasting nodes 45

SAS code in |53

subdiagrams [53]54]

Tools Bar |38

Tools Palette
program halts
Progress Indicator [3
project diagrams

See also process flow diagrams

closing
creating
deleting
running
saving
project files

project libraries not assigned
Project Navigator

Diagram tab
Tools Palette
projects
client/server projects
closing
connecting to a server
crashes
creating client/server projects
creating new local projects
deleting
directory structure
EMDATA directory
EMPROIJ directory
exporting Version 4.0 projects
importing Version 2.0x projects
input data set [49)
libraries not assigned [34
local projects [L3)]18]76
location directory |14
opening
opening process flow diagrams
opening Version 3.0x projects
program halts
properties
REPORTS directory
server profile, defining
shareable projects
target profiles
target variables
troubleshooting
updating project settings
viewing project files
properties
nodes
projects
pull-down menus

R

random sampling
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Regression node
Replacement node |51
Reporter node [31)53] 64|
reports, HTML  [53]64]
REPORTS directory
Reports tab

Results browser
Results Browser

running project diagrams

S

Sampling node @
sampling nodes @
SAS Code node
creating score cards |[111
SAS/CONNECT software
SAS Enterprise Miner window
SAS/INSIGHT software
saving project diagrams
scatter plots
score cards m_‘
Score node 53] 105]
scoring [52]104]105]
scoring formulas
script files
seed values
segmenting data
self organizing maps
SEMMA data mining process
adding nodes to a diagram
connecting nodes in a diagram
node organization and @
sequence discovery
server profile
connecting to a server with

defining

in batch mode
shareable projects
sign-on time
SOM/Kohonen node
sorting variables
spawners
start-up code
starting Enterprise Miner
statistical functions
statistics, summary
stepwise logistic regression model
stratification
Subdiagram node
subdiagrams

examples
subsetting variables
summary statistics

T

target profiles

target variables

test data set

time-series cross-sectional data analysis
time-series data analysis
toolbox E

Tools Bar E

Tools Palette

Tools tab

training data set
Transform Variables node
tree model

Tree node
troubleshooting projects

U

univariate distributions
updating project settings
User Defined Model node
userid and sign-on time
utility nodes

V'

validation data set
Variable Selection node
variable transformations
variables

class variables

input variables

interval variables

sorting

subsetting

target variables
Variables tab
vector quantization networks
Version 2.0x projects, importing
Version 3.0x projects, opening
Version 4.0 projects, exporting
View menu E
viewing project files

visualization tools

w

warehouse path
warning messages
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